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2DODINN—=I VDL 20D H—RKDOTFT v IRy I 2% F v LEd, ARICH A RKINA o KA
EDINAHEN. HIR., BB NI DERRSNET,

IN=Y 3 EETITDE, A TIT 1 IDRENEEESINFT,
FREDRBENHZHBEIE. £9Savem Uy o (F/lEF L WComputeZ&
R1T) LTCRF vy ay hABEETDLSICL. ERBREICLTEWT <2E0,
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LVS / INDICATORS ‘

6 /27
ELIABILITY HTMT VIF EFFEt >
strong. @
Block communality Mean redundancy
Figure 11 Results? 7 " @&E. SRMR. /AX#HL LV/MVEOKPIN— K, =D TICH TSN /7l
summ th ! Model, OQOuter Model. Rel ty. HTM ‘ foct

5 EROFHHELZHAID

TTINCABRLEBTIDORERNIVAH D, ZILVITI DU EDIBENSH 5355, Editor/FormY —)L/\—dDCor
MY VHSEWETSEICKRDET, Tz v UEY, tBIET /I TETIN, BFEDECSIHEREDE
3I~6MTHTLET, BIITHE. OpenPLSIFResultsy 7 ICBE L £9,

5.1 Results\v 45—

Results? 7 (B11) (. EERICADDKPIA—R, HANC3DDITY ZAR— KRy > FD FICEET—T LA
(EEENCH

Ny F—ITIFADDKPIN— RAFRRENET,

1. Goodness-of-Fit (GoF) : v(mean(communality) x mean(Rz)), oo EN AR EEGE, 01070
SR U,
. SRMR : Standardized Root Mean Square Residual, #RIS /o8 & ETIILAVRE T 2188 & DT
BAIMZR DY M7 O10FKEHNEFTFARRIEE, U750 MLOAULSEIE BIDZERIBIZETT,

. Paths #EETIILORAELET LIS D,

4. LWVs /Indicators | BEZHOH E1E1E (MV) OEE#, ET72 BT LEOT T4 F v 7T

KPIDO EICIE, EREL7YORAYIY O VAHD, BEDETILOBED TN TDComputeN s 1 L5
ST EHND LR BEDHEMETDEZITELT,

T LOYOHEANCIE3DDITI AR—KRRY UH D F49,

- PDF : FORIIGD LR— K UK, T—7)b. &)
« XLSX ! INTO#ERT—TILHIDDT—0 Ty IR, ArUT X &1y —~ (Paths, Inner

N

W
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mine Non-Significant Path Coeffi

>Sl: Customer Satisfaction, 08/04/2026, 11:18 AM 0.28 5 @ poF XLsx  {-} REPORT JSON

PATHS LVS / INDICATORS

10 6 /27

INNER SUMMARY INNER MODEL QUTER MODEL RELIABILITY VIF EFFEC >
[ copy LATEX
From To Path coefficient
Image Expectations +0.5790

Expectations Perceived Quality +0.8483

Figure 12 Paths 7% 7  KINEE T/ CADHEE(E, RAERZE. HRErE. plE. 959

summary, Outerloadings. Reliability, HTMT. Fornell-Larcker, VIF. Effects. =) o
* ReportJSON : ©5 )L, 7%y hAF—V INTOHERET—T)LaaO B TEil-
SONY Kb, @ DOfBhER & L TEEBR T, BTNV NIUDBR—DFEZBETTCESEI,

5.2 Inner summary (7 #JLK)
Inner Summary> —7/LIC|d. ZEAZHELITN—EFR e E T,

* R LVDSETEHIC K > TS NALVODEL 0.101E580 0.25(FHEE, 0.501F8@ W, AERILY
L9,

- Read]. | FHZEHOBICOWTHE, ETIILETHRT S EEF E557BELET,

* BIC | LVDOAERE 7)LICH 9 2 Bayesian Information Criterion, EWIZER W, XA N SN /ERET

- Block communality : | VOIEZEO TP - FEGHE, SWLIESREN AL,

- Meanredundancy | 7OV 7HADORED S5 [VOFHZHE TILE) BOBOE,

« AVE : Average Variance Extracted, 05%8BZ % &, LVAZDIBZE DB EREL D BL JFIEL T

5.3 Paths

Paths 7% 7 (K12) IcUDEZ L& BERE T —TILHAERRSN £,
FIZ (V=R =T v k) [CDWT, T—I)LICIELUFA—8FR R ShES,

- Estimate | Z#{L/CAFREL, OLS[OIEDp & BIERICHEIRL £,

+ Std. err. : Bootstraph 5,

-+t estimate/std. err, MEIRE Ta=0.05TERBDIZ196LD ETT,

- p-value : 7— X KT pl HEH D,

- 95% Cl (lower, upper) : /\—t>51)L - T~ 2 LTV JCl, TOZEEETNIE. /CAFEET

T—I A EFO/NZBZ A=A A>T, LaTeXT7 #—< v hMiax AE— T %9,
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< PATHS INNER MODEL QUTER MODEL RELIABILITY VIF EFFECT SIZES IPMA
iscriminant validity: HTMT tive) or < 0 iberal). (@ 0 copy LATEX
VA B

Expectations

Perceived Quality

Figure 13 HTMTY 7% 7 | =A175D heterotrait-monotraittb, UL EWME (

5.4 Inner model / outer model

Inner model” V&, LV HAYTICH S EDIENT—T)L T/ 2% B2 L 59, Outer modelld = 117% [«
FDLV., Bfag (ModeA) F/cldEH (ModeB) . BLOHRETE T,

BREEOHEIK 0708 (V05) #8223 E, LVHIBEZODEDS0%U FE RBBLTWE I EEZBHKRL F9,
04~07DM . BlIfrT 2 EAVEN T DIGEDMRIFL T EE U,

5.5 Reliability
Reliability? Z'l&, LV EIC2DDBEICINA T, 22070y 7 L)L OBiERRL £9,

- Cronbach®a =g #, THMamErkELEd, L0 RFH,
- Composite reliability (Dillon-Goldsteinp) : €4 > 7/2PLS-SEM DT 7 )Lk, 0.7~09 AN 8
SEDINET,
- Ist/2ndEEE - 70y o OEBETI O, MEOEICIEELE (IstiF1LD - & RkE 2ndFH1)
—RITENZFENET,
IR BB R Tlda>078 K Up>072 BIE L £9, AN EBREBLZ TIE. EBREIIREND D ZTA
=0,

Dijkstra & Henseler D—BMH D H 21E8IE (b A) 1FPLScEERTUILHE DHARESNET (6.68121) .

56 HTMT

HTMT 7% 7 (K13) &, BRSO RT D heterotrait-monotraittb # 32 x L. 7Rt )L TH B2«
BADHEZ/NA1 71 UFET,

HTMTL, Y YV BFIIEYET AN T, B0 T7 el Theterotraity 1888 (BRUELSRE) &
DEbEHABLUE T, COEMNIOED < & 2D DB IEXBIABIEEIC 72D £,
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LEVME :

- <0.85 (Henseler, Ringle & Sarstedt 2015, R<FH)) | L&
+ <0.90 Kline 201, U~NZIL) - FFAAIEE
- 2 0.90 : BRBEEE A, 1DFHIR. £3EReERE

OpenPLSIET—hA NS v R (HTMT-BST) HFETL. RFP CEICEEKE ZRLET, LAICIHN.0ZE
T,

5.7 VIF

Variance Inflation Factor (98U KRED)  2E8EH D F9,

« Quter VIF : JTERMIILVINODIBEIC D WT, TEMWBEEEOTEEZ BHLFEI, <5 (<
lELDEEL W) ITIREE T,
« InnerVIF : ER4AR 70V OFHIVICDWT, FRHZHEO EgExmELEd, AULEULME,

5.8 Effects

EY =R —=Ty hRTOERE BE BRURIR, ENERET 2 BRICENTY | BEMHRIFE N
DA DEF WHRIEFENSDEFT T,

59 ETILEGE
KPI/UY ROTFIZ, OpenPLSEUTHRRLET,

- SRMR& & OdULS @ 9 Tl ECalAE A,
- Fornell-Larcker{T%l : HTMTOEEE)GACE, FRIZ SO D IE. AN D = FEEH I E D/

HTMT & Fornell-Larcker ©lg, HTMTANE D HFT LU CBREDS WY —J)L T9, Bara N o = ifFd

6 BELGFE
Advanced? 7 &, OpenPLSHEANBPLSETEBRZBHM TE. 1BOFEN, U+ RFEDIDDI )L

+ Inference : Bootstrap. MGA. MICOM. Moderation. Nomological validity
* Robustness : PL.5c. Gaussian copula. Common method bias
+ Model extensions : [PMA. PLSpredict. CVPAT. FIMIX-PLS. Higher-order model

IRTOFEERUERICTHENET | EETANERE. RuntEr v o, AT—9AF Vv IHIREICRET
WBWEDITNTOETIFRES N, TED Pastrunsy ROw YO Uhs @IS (K14)

6.1 Bootstrap

Bl INTO/N AR ENLERBORERE, tHetE. plE. EEKBEZFABELZT, o, BENPR
(BCa) XEHFHEL XTI (K15

AR
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Method-Selection Assistant

INFERENCE

Multi-group analysis

MICOM

Moderation ECSI: Customer Satisfaction
Nomological validity » START BOOTSTRAP

ROBUSTNESS

= PLSc

Gaussian copula

0] Common method bias

MODEL EXTENSIONS
© IPMA
~ PLSpredict

& CVPAT

Figure 14 Advanced? 7 @ U4 K EICI30F 5. HEISIHEAED/CFEIL,

1. Iterations | = 7 )L ~500. HRGEE TIE5000 F, &xEFETHRECUY YT YT LTET)
COITIZITRIEICHBIL =9,
2. Seed | TE. RNGERXRELEJ, TRICHIRIELQEERENNBE RGEEF Y —REaREL TS

Startbootstrapz 7 U v 7 LTiEEH L £9, CloudRuntt—E X TETN. /INRIVIEREFDETIRT A

R, &/ (XUTDWT, bootstrapldBEIDERDAFZREL £, TODHN 5. OpenPLSIEFIIHETELE
—mean/SE. plB. &LV )~y IILCIEHEL T,

6.2 Multi-Group Analysis (MGA)

B /SXFEENTIL—TM (ZlEvs. B, EUvs US, NBvs WIR) TEGLZNESHhZRELET (K
AT
1. Grouping variable : &> J)Lx 04 &5 — Yy LD, FEAGEE OB TS ST LE
2. Groups | JIL—TEICIMDA— R, XFIFNDHE. &7 —TICEIT2E=F v Bl Gro
A ={Automotive}. Group B ={Fashion)) . #IEFDIHZE. min/maxzZEL £,
3. Permutations : 2001500, 1000147 7 4 )L o 500020 E I AR, MGAIE CL o & T2 DlES

IR, &Z/XXICDOWT, TR I —TDOHEMEE ., B R T\ ET7 I —TETEHELWL) DT
0<0.05054E,. MEIETIL—TETBRDHZ2ENH D £,



Run IPMA for Loyalty

Method-Selection Assistant

INFERENCE

Evaluate Discriminant Validity Against HTMT Thresholds

Maoderatio

{2} Nomological validity

ROBUSTN

Gaussian copula

Common method bias

MODEL EXTENSIONS _— )
stomer Satisfaction
IPMA

PLSpredict

CVPAT

€9 Bootstrap runs

FIMIX-PLS
5

Higher-order model

95% .

» START BOOTSTRAP




Run IPMA for Brand Loyalty
Your R? for Brand Loyalty = 0.29, making it a strong target construct for the Importance-Performance Map Analysis. Use the advanced tabto run IPMA and identify »
experiential dimensions drive loyalty most efficienthy.

Evaluate out-of-sample prediction with PLSpredict
h endogenous R2 values above 019 across Brand Loyalty (0.29), Brand Personality (0.24), and Brand Satisfaction (0.24), your model meets the criteria for predictive
. Set up PLSpredict in the advanced tab to test case-level indicator predictions.

Test for unobserved heterogeneity using FIMIX-PLS
Your sample size of n = 380 provides adequate statistical power to detect unobserved customer segments. Run FIMIX-PLS in the advanced tab to check whether latent
segments affect your structural paths.

Method-Selection Assistant

INFERENCE

Bootstral
V—\ g Use category column for grouping

Your dataset contains the column category with 380 rows, making it suitable for multi-group analysisin t
software. Check its unique levels to ensure each subgroup meets the minimum sample size of n » = 30 before splitting

E MICOM Run measurement invariance testing first

Before comparing path coefficients across your groups, run the MICOM procedure in the PLS-SEM software to establish
rJ Moderation measurement invariance. Without configural and compositional invariance, group comparisons lack validity:

{2} Nomological validity Target strong structural paths for group comparison

Your results show a strong path from Brand Satisfaction to Brand Loyalty with estimate = 0.54, and Affective Experience to
Brand Personality with estimate = 0.30. These high-impact paths are prime candidates to test for group differences in the
MGA tab

ROBUSTNESS

PLSc

& Geussiancopuia A28, Multi-Group Analysis (MGA) @

T e Compares path coefficients between two or more groups using Henseler's permut:

Mode Grouping variable

LG 2 A LY Brand Experience (Brakus & Schmitt) category (string)

< IPMA

Groups + ADD GROUP

PLSpredict
Mame

CVPAT o

Values {multi-s

FIMIX-PLS Automotive € Fashion

Permutations

200 » COMPUTE MGA

Higher-order model

€0 Previous MGA runs
Run

category - 200 permutations - 2 min ago

Column: category - lterations: 200 - Duration: 141.3s

Figure 16 M
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MHIMICOMZSEIcET LT EeE W, XRT7v 2 (BB ©
SAIEARZTMENK U256, WVIER T I —TTERLZ2BREF S,
JRZ DI SRR IC /R D i@z

6.3 MICOM

B8, 2oD 7 )L—E cMeasurement Invariance of Composite Models %= %7 L 59, 7 )L — M
(H17)

ABo MGAERI— @ TIL—TEH + IEHEIC2D DT L— + IBF#,
R, B\ I3 T v T DHIE

1. Configuralinvariance | [f]U3E/E. AU 7))L XA, OpenPLSICE D BEINICH S ET,

2. Compositional invariance @ & VO &/ A 177 )IL—TECHOEAERE L =9, plE
<0.05/F. EEINEERDHDENHD, FIETEHIETEBHKRL FI, MCGAERIZEBIRTEE T,

3. Scalarinvariance | GO FEEDENE L, AT v T2E AT vI3OMANEIE LSS 5T
B LSS BAAREY MGAI/SXD BT U TR E LTHERTT N, BETFHDLLEICIES

6.4 Moderation

B XDWYICRIFITHENET L —F ZIRETE2NESDNZRELET, 2BE7 7O0—F2FRALET
& Chin 2010) (118) &
AAo

1. Predictor (independent) : Y = X + Z + XxZDX,
2. Moderator : /.

3. Target (dependent) : v,

4. Interaction LV name : (T2, 7 7 =)L M IEX_x_Z.

IR, OpenPLSIE. BMENEERALY (FAZKEETL—YOAKR A7 OB 280 TESILAF
APBRTT  plE<00508E. TFL—4 34X YOBEEES L,

T—ILDOTOIYFIL s AA=F 70w M nz=f et L9 & (M—1SD) . ¥, $L05m (M
+1SD) OETL—HETDOXSY, AO—THENDHE. T L —YIEXHEBIBLE9, INETD
ElIERELET,

6.5 Nomological validity
B, INTORGN/ADNBFFEINAGFESEBRETHTELDEF v I LET, BERZERHOY =

Aﬁo%?w#5ﬁﬁkﬂéni¢ S/ BENBRR /LA DI E 0 E T RSN
TRENICE, DBAlE-, ERBOTESEZEL. BEAE (F74L 1005 EBRL. Run
EQ%GU/ﬁbi?o

N
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Evaluate PLSpredict for Endogenous Constructs

Method-Selection Assistant

INFERENCE

n

Maoderatio

Nomological validity

Brand Experience (Brakus & Sc hmitt)

Gaussian copula Groups (exactly two)
n method bias
MODEL EXTENSIONS
IPMA
PLSpredict
» COMPUTE MICOM

CVPAT

FHEELS €0 Previous MICOM runs

Higher-order model

Figure 17 MICOI




Evaluate importance-performance priorities for Loyalty
Your R? for Loyalty = 0.51 and Satisfaction = 0.71. Run IPMA in the advanced tab to identify which latent variables drive Loyalty with high total effects butlagin
performance.

Assess out-of-sample predictive power
Your endogenous R?values are all > = 0.33, exceeding the 019 threshold. Run PLSpredict to generate case-level predictions and evaluate whether your model
generalizes beyond the training sample.

Check discriminant validity for Expectations and Perceived Quality

HTMT ExpectationsPerceived Quality = 0.98, pointing to potential collinearity. Consider testing whether they form a higher-order construct or need structural
refinement.

Method-Selection Assistant

INFERENCE N Moderation analysis @

l& Bootstrap no-stage interaction effect of a moderator on a predictor - ta

Multi-group analysis

(=] MICOM re (indep ) Moderator Target |
Perceived Quality Satisfaction

) ) nteraction E!*E'lrf."a.'
& Nomological validity Interaction LV name (optional) » RUN MODERATION

ROBUSTNESS Default: Image_x_Perceived Quality

PLSc

€9 Pastruns

Gaussian copula Run

Image x Perceived Quality - Satisfaction - just now
‘Common method bias

MODEL EXTENSIONS Image * Perceived Quality — Satisfaction

Vs PMA Base model path coefficients 0 cory  Refit model with interaction term

Csv Csv
PLSpredict
Path Estimate Path Estimate
CVPAT

Image - Expectatiens 0.579 Image - Expectations 0.579
FIMIX-PLS
Expectations - Perceived Expectations - Perceived
) 0.848 ) 0.84
Quality Quality @
Expectations -+ Perceived Expectations -+ Perceived

0105
Value Value

Higher-order model

Perceived Quality = a7y Perceived Quality -
Perceived Value : Perceived Value

Image - Satisfaction 0.201 ImageTx_PerFeived Quality
-+ Satisfaction
Expectations -
Satisfaction
Perceived Quality - 0122 Expectations -
Satisfaction Satisfaction
Perceived Value - Perceived Quality -

. . 0.589 ) .
Satisfaction Satisfaction

-0.003 Image - Satisfaction

Perceived Value -

Image - Loyalt 0.275
. b Y Satisfaction

Satisfaction - Loyalty 0.495 Image - Loyalty

Satisfaction -+ Loyalty

Figure 18 \/ode
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Method-Selection Assistant

INFERENCE o> PLSc — Consistent PLS @

ﬂ Bootstrap

A2 Multi-group analysis de

ECSI: Customer Satisfaction » COMPUTE PLSC
MICOM

€9 Pastruns

Nomological validity Run
PLSc - just now

=]
rJ Maoderation

ROBUSTNESS

el

& Gaussian copula o
“ P O rLs
.

E] ‘Common method bias
MODEL EXTENSIONS
O IPMA
-~ PLSpredict
CVPAT S
Reliability per construct

FIMIX-PLS
L

Higher-order model
Image
Expectations ).847 0.527 0.427

Perceived Quality 0.872 0.578 0.952 ) 952 -750.91

Perceived Value 0.835 ) 563 0.861 859 -476.90

Figure 19 PLSc/V%JL, Mode-ALVOHDETILTIT T Uw T,

IR, SIRHICOVNT. F—TILIEHER S, BEOBootstrap H S DB, & & Vo TSN D HFSICHT
JRB) & FRRLUET, KBREBERET DN, BETCHRVWERE LTRSS I DERH T,

6.6 PLSc
B —BMHDHLPLSHITE, B SNERTIERCEDEERT CTHIHED, EEPLSOFHZ/\1 7
ABoe L. Runzo w7,

IR, FUETILAEPLScHEEZEAL CHEEITLET, /\AFRELBES. TOrobIMNICEENET (L
INA T RAZBRLUET) , BB RFRN—XOBRRZERFT 2551, BHEPLSEPLScOMAZHRE LT

BohEMt, TN TOLVHAMode A (REE)) THDHEEDH, ModeBLVIEPLSCIREAE D £,

or



Method-Selection Assistant

INFERENCE

ﬂ Bootstrap
Multi-group analysis
MICOM
Maoderation

Nomological validity
ROBUSTNESS

= PLSc

E] ‘Common method bias

MODEL EXTENSIONS

< IPMA

A PLSpredict
CVPAT
FIMIX-PLS

Higher-order model

Figure 20

opula/SRJL T NAERILVE Y 73-

@ Gaussian copula — endogeneity test @

€0 Pastruns
Run
Endo=Satisfaction - just now

Endogen
Copula coefficients per predictor

y (copula

Predictor v cop
term)
Image -0.020

Expectations

Perceived
Quality
Perceived
Value

0122 0.364

-0.400 0.255

Endogeneity-corrected path estimates

Path

6.7 Gaussian copula (&%)

BE, FHZE

ABo
1. Endogenous LV

HHWAERD (FR7E=

SRR

ZECEBLTWSD) ZRELET, B b%
Gupta(2012)/Hultetal.(2018) 7 7A—F # N L CHAE MM IEF A HEEEZ R L

» COMPUTE COPULA TEST

(non- Decision
norm.)

no endogeneity
detected
copula not
admissible
(normal) é
no endogeneity
detected
no endogeneity
detected

5\ Park &
9 (X20) .

RERCHEEAL WS DN D LVEERL T,

2. Suspected predictors : (= ; PO FFICT D& NAENLVD INTOHRTEH ZIREL T,
3. Bootstrap resamples : 7 7 # JL 500, HhGEEOCIHC F 1000~5000(C 17 &9,

4. Seed : T2,

IR, WO 2EFAZTHICDOWT, OpenPLSIZcopulalBfi#ly. *DplBE.
p (L@$/£ L

BWEERME, TAZHNFERTHDHEDH, TR

von Mises)

BLUOTFRHEHDIFERED

B ZHRELUFT, R/ T I copulaBNBRBIBEDHELES N
ZHOCWMp 1Y >0.10D3FE. copulaEIFERETE
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6.8 Common method bias (CMB. Lindell-Whitney)
B, Lindell&Whitney (2001) N—H—ZHFHEZNL T AV Y KA 7 X2BHLET (K21) ,

AA,

1. Marker variable : ©7)LPOETEDLVOIEETERW., HFmiICEEHRGHES, 4 tenure_yea
)\D%}bﬁ%o
2. Significance « : 7 7 4 JL ~0.05,

B OpenPLSIE. INTOBEBI AR sRNDEA SN N—H— VBB ZRER THREL. 0.
LET, BENSIFERIC TV ITTZ/)NE, JTEAYYROA YT L —Y gy onEd,

BMGERE. T2y MCETINNORBEIN G 2HEDH. £ D TRIFNIE BIOT > T EFEIRT 5.
FEITERITLTIIES L,

6.9 IPMA

B#. Importance-Performance Map Analysis. 77 v ~C & > THROEZQEEMZIE . =
Mm? ) ICEZFET (K22) .

AT
1. Target LV - @E IR DO H 2R (Loyalty. Adoption. =) o
BIR, 70 v NDOELITEHICOWT, OpenPLSIFTZEE LET,

- Importance=%>—7 v kA ONE (S8 + EE)
« Performance = L\VO&EL A 7 D9, 0-100C ) 20 —)b

B e LT 7Oy~ (Performanceh™. Importancedly) . L E=@WEZE, BN Tx—T V2
=RADWEL/N—, G L=WIDL /L =HRFITNERH,

6.10 PLSpredict

B ZUK AT - HOFINOFHRELEEZML &9, Reldo > - > TILTd, PLSpredictld €7,
LA T<NFET (M23) &

Ao

1. k-fold : 7 7 )L 10, sWEE/NhEWT X RFD,
2. Repeats | 77 A/, TO EICEBYPT & ELE2FDED YT TFHLLTOBTRSEET,
3. Seed : HIRHED

BiR. 8EEICOVWT, T TZE—EBXRRLET,

« Q:_predict | ZEBIES N/ TR, 0ZBA S EBHAH D, BVIEERL,
« RMSE_PLS vs. RMSE_LM : PLSFH| vs. 7NV F N —27, FEIRORZETPLS RM-
SEMMEWGE, PLSISREABZBA I FAN MEZFSE £,



Method-Selection Assistant

INFERENCE @ Common method bias (Lindell-Whitney)
Bootstrap
Multi-group analy:
Employee Engagement (JD-R)

COM

[sh Mod

Nomological validity » RUN TEST

ROBUSTNESS

PLSc £V Pastruns
Run

Gaussian copula tenure ars - jugt now

Ma : tenure_years - ry = 0.00

MODEL EXTENSIONS i .
Marker-variable correlations

IPMA

v r(marker,
PLSpredict

Job Resources

Job Demands

Work Engagement
Higher-order i
Job Satisfactien 0.010

Job Performance -0.047

Pairwise LV correlations before / after adjustment O copy LaTEX

r p r

P
(unadjusted) {unadjusted) (adjusted) (adjusted) et

LV pair

Job Resources
« Job Demands

0.265 0.0

Job Resources

=« Work 3 < 0.001
Engagement

Job Resources

« Job

Satisfaction

Job Resources

« Job < 0.001 : < 0.001
Performance

Job Demands «

Work 0.001

Figure 21 CMB/C% )L - v—H—F% &R L TEST,



Method-Selection Assistant

INFERENCE

|*s Importance-Performance Map (IPMA) @

l/_\ Bootstrap Identify constructs and indicators with high importance but low performance, prime levers for
improvement.
Multi-group analysis Mode! Target latent variable

ECSI: Customer Satisfaction Expectations
=] MICOM

Endogenous L'
G Moderation
Scale minimum (optional) Scale maximum (optional)
© Nomological validity » RUN IPMA

ROBUSTNESS

PLSc

€9 Past IPMA runs

Gaussian copula Run

Expectations - just now
Common method bias

MODEL EXTENSIONS Target latent variable: Expectations

Latent-variable importance / performance
PLSpredict LV Importance (total effect) Performance (0-100)
CVPAT Image 0.579 73.36

AR Indicator-level breakdown

&

High (s del
igher-order mode ] Indicator Outer weight Normalized weigk

imag] 0.098 0146
imag2 0157 0.234
imag3 0157 0.233
imags 0.077 on4
imag5 0184 0.274
Expectations expel 0106 0176
expe2 0141 0.233
expe3 019 0197
expes 0.099 0165
expeb 0.138 0.229
Perceived Quality quall 0107 0187
qual2 0135 0.236
qual3 onz 0.206
quals 0.096 0.168
quals 0116 0.203

Perceived Value vall 0175 0.302

Figure 22
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INFERENCE

Bootstrap

Multi-group analy:

COM

[sh Mod

Nomological validity
RUN PLSPREDICT

ROBUSTNESS

PLSc

€0 Pastruns
Gaussian copula Run
k=10, no predictive power - just now
method bias

MODEL EXTENSIONS

0 better than LM - 22 worse - 0 tie - 22 total

< IPMA

Indicator summary

RMSE MAE
(LM) (LM)

Expectations 2 400 ; 1.808

Higher-crder i )
Expectations

Expectations
Expectations

Expectations

Perceived
Quality
Perceived
Quality
Perceived
Quality
Perceived
Quality

guall

qual2

qual3

qualé

Perceived
Quality
Perceived
Value

guals

vall

Perceived

val2
Value

Figure 23 Pl Spredict/ UL Ckfola. 105




Method-Selection Assistant

INFERENCE

& CVPAT (Cross-Validated Predictive Ability Test)

Bootstrap
Multi-group analysis
MICOM

Maoderation

0.05

Nomological validity

ROBUSTNESS » RUN CVPAT

= PLSc

Gaussian copula @ Past runs
Run
E] Common method bias 1A, k=10 j| ust now
MODEL EXTENSIONS
ark: 1A - k=10
O IPMA

0 copyLaTEx

Fad PLSpredict Loss o (PLS - p (1-

; . Verdict
(benchmark) benchmark) sided)

100.920 -17.315 -6.62 < 0.001
FIMIX-PLS
0 copy L]
Higher-order model
Loss p(1-

LV \
(benchmark) benchmark) sided)

Verdict
Expectations 358 21.673 -3.315 < 0.001

Loyalty .269 23.292 -4.023 < 0.001

Perceived P o o

) 23.063 -3.809 < 0.001
Quality
Perceived

17.481 -2.850 < 0.001
Value

<
f

|

il
H
L

|
a1
d]

’
N

Figure 24 CVpPAT/ U=

6.11 CVPAT

B#, Cross-Validated Predictive Ability Test. 77 & - A7 - O J)LIBAICH T StEZ LT |
(FBRFHEITRETTIL) cHBRLUET (RK24) .

ABoe RYFN—7 +kfold+#DRL + > — K, TITAI ML LELTY,
BR. JAAWERLVICDOWT, OpenPLSidpEZfSEEE (PLS— XY FY—7) ZHWEL LI, BEDEX

+p<005=PLSIINYFY—TV XD HERITFTHT L, BOWERTI,

6.12 FIMIX-PLS

BM. Finite-Mixture PLS, E2& %% >0V )L —Mehah s aWEalc, BEEDEBET DA EHE L
AN,
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NFERENCE & FIMIX-PLS segmentation ®

/A% Bootstrap Finite-mixture EM detection of unobserved latent classes (Hahn et al. 2002)
Mode! Number of classes (K) EMrestarts
Multi-group analysis

ECSI: Customer Satisfaction

(=] MICOM
robust. :
[sh Moderation ns Convergence tolerance
0.000001 42 > RUN FIMIX
{2} Nomological validity

ROBUSTNESS
€9 Pastruns

PLSc Aun

K=3- just now
Gaussian copula

. K=3
Common method bias
Log-likelihood: -1068.66

Parameters: 62

MODEL EXTENSIONS

< IPMA

Class sizes (mixing proportions p) D copy

PLSpredict ) )
Class p (proportion) n (hard-assigned)

CVPAT
0.320 91
0.286

Higher-order model
0.394

Per-class structural-model paths

Class 1
Per-class structural-model paths D copy

Path Estimate
(intercept) -+ Expectations -0.349
Image - Expectations 1.012
(intercept) - Perceived Quality 0.285
Expectations - Perceived Quality 0.945
(intercept) - Perceived Value 0193
Expectations - Perceived Value 0.385

Perceived Quality - Perceived Value 0.456

Figure 25
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1. Number of classes (K) : 257z L. BEEEZEE L FT,
2. EMrestarts . nfid® > 7 ABHBED D ENZ K, ZWEETEE T,
3. Max iterations, tolerance : \VEEdiH, 77 AL D FEFICLT /2=,

R, K &IC, OpenPLSIEY ZREBD/INZA+0 2R EDREE FAHE L £, KIEE TAIC, BIC,
IvhOE— (EN) Zz&UFd, BICOIILREEN>OB6DEH GHEN TEL W, KZ#BIL F7,

KBSRESNcS, 7 IREIDETETI AR—K L. FHlBHRDLD 107 SR T & (TIRE-
PLSZEBEERTLET, CIEMCGATIIIL—EELTHERALET,

6.13 Higher-order construct (HOC)

B, NEOEMETY TO0—F 52N LT BHO—RIVEE—O ZXEMERCHES L ET (Sarstedt
etal.2019) (H26) .

AR

1. Name : HOCDLV#. #l : BrandExperience.
2. First-order LVs : {t& 320 vh—2 vk (DAl E82D)
3. HOC mode : A (BEFY) F/z4B (FEErY) o

fRIR, OpenPlLSldstagel (—XILVRAOATFZEZEIET Sz DBEDPLS) . Kicstage?2 (4RITTDH D ITH
PLS) #ZEfT LET, UTERELET,

- Loadings : HOC ED—2Xx[V (Mode A) F/clFEHA (ModeB)

- Re (stage 2) : SIS 1L HHOCDH Ty —7 v b DE,

- Paths (stage 2) | BHEET T )L DOIESRAL

Mode A& ModeBZE LB T S ICid, H5—FHDTE—RTHEI4v kL, EB50NT Y —ViEREH & /XX %!
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Method-Selection Assistant

INFERENCE 0

2 Higher-order construct (HOC) @

In
Multi-group analysis
OM

Mod
Mode A (reflective)
Nomological validity
ROBUSTN
—
o

PLSc
» COMPUTE HOC

ian copula

&

\method bias €0 Pastruns

Ur
MODEL EXTENSIONS : )
' BrandExperience - Mode A - just now

IPMA
~ PLSpredict } X 1 + ective E g al Exp
CVP,

R? (stage 2)

“Z,  FIMIX-PLS 4
Lv

First-order LV
Brand Loyalty

Sensory Experience
Brand Personality

Affective Experience
Brand Satisfaction

Intellectual Experience
BrandExperience

Behavioral Experience

Path coefficients (stage 2)
Path Estimate

BrandExperience - Brand Personality 0.488

Figure 26 ~OC/ 7))L HOCICAE]
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OpenPLSDOINTDOFERIE, 4DDFEXDOWVWINATY —ILNSHATEEXRT, T7 AR— KR VIidRe-
sults 7oAy F— KPIHZ— RO EICEEESN T WA(ED, Editory —)LIA—DETIILTI ZR—K - RO
HMIAPIEE T,

7.1 PDFLR—k
"BoNd6D, LU FasOHRNILOPDE

s ETIAT I Y DAY T =Y EEDER

- XXX (GREDEditorfiBmN S LU V)

« Results? 7O INTO#EERET—T)L (FIRIBIC 7 A —< v )

» OpenPLSFENDSR (BEANU L, ThaERELUICHXZSIH)

R I VT, @mxXEBIORS. BELNOEBRRE S HE. X517 KTy FICEDD &=,
7 714)%&. {model_name}_report.pdf. AN—2A AT v akERAd oL DICT 21 AN ET,

7.2 Excel7—27w % (XLSX)
Bondvn, 27— JILolldly—hEEDIODOTD =0 Ty, TJrAILNTO Y — K

* Overview | ETAY 7T —% (FHERR. GoF. SRMR. LV//C2#H)
+ Inner Summary @ VO & DRe RefEF A AVE, ot

* Model Fit : SRMR+d_ULS (GfE=h/cHEaDH)

- Path Coefficients @ I/ N TORETT )L/ (XDHEE

- Inner Model : Bootstrap SE. t. p. CIVFIERIgEE5E
 Outer Model : EEIZ0 - DEMEHE (Mode A) F/oldEHA (Mode B)
-+ Effect Sizes f2 ! INTOFHELH/CRDEENET A X

* Predictive Relevance Q:: VO & DA EIEIEAM TR

- VIF, Outerds &£ OWVIF, Inner @ SLifME

« HTMT : heterotrait-monotrait{77/

* Reliability : Cronbacha. composite reliability, EH1E

* Model, LVs& & UModel, Paths | E7 /LT EREDE D

EENEY—b WHT28ERRTHIFET 255G DHEMN

Y=

* Nomological Validity @ (it & DFF= + HIE
* CMB (Lindell-Whitney) @ ~¥—7/1—#1 . 4HET
« CVPAT | RXEMIEA A FRIBENIRTE

ERAYA VY, BEENEOHBEE RO DZIEA. TLIEH D NIRRT TT—TILEB I A —< v I

7 74)%&, {model_name}_results.xlsx.



O» OpenPLS 2—H—H+ K TU ZR— K

7.3 Report JSON/AY KL
Bondbn, LTz 80w EEISON -

- EERTETIIAR (LY. B /XX LB, AEE—RK)

c F—H Ty R 2F—T (Gl B KIBH)

c INTOERT IV EEBEMNIC

c HHEBXY T =5 (FALRXY T . OpenPLS/\—> 3 V)

FERYMIVY, HcOmMBER S LT, JSONZEA VR—k Uiz A cH. OpenPlSEETT S &4
BMETEFT,

7 74)V%, {model_name}.report.json,

74 EFILITY AR—K (Editory—JL/\=)
Fditory —J)L\—(CEZF o vA—K 71 B0, 200TFTIEHIIVAR—MNEROAZ 1 —H T

+ JSON (.openpls.json) | (UEH & 55 2/H0penPLSTET )L, 7DV K KU wTRIEE - Sz sloOop
R 57 -9ty N TETIINEBIEBETER,
« SmartPLS (.splsm) - SmartPL.S38 £ 04 & BIREDH XML T 71 )b, =D —)LDOIHEIITEIC

INSEFETINERTT, BRIEEENE A, ZNICIEReport JSSON/UY RILZFEARL T EE L,

7.5 LaTeXAXAZ=RXRwv p

Results? 7O INTORERT —TIICiE. A LEIC/NE2CopyLaTeX 71 AvhdbDFEd, 7UvId5E.
EhD A c=EEd, Aan/claleXldbooktabs (\toprule. \midrule. \bottomrule) ={&fL. JMS.
Quarterly/a ED v —F )L TOBHIIMNG T —TILA Y1 ILICY v FLET,

LaTeXZXA =~y hE, bL—PEUFsDedHICT—TILFv T g ViC
ETIINE, Ty NG BLUPOpenPLSNN—2 3V ZIEBHAHET,
KO =yRBIEBICLIEWGEIE, WX TEFr Y ayeHflELT LS,

7.6 BHRM4
WX DiFZa, EERNGERE/Y RV To®D T,

1. Report JSON ({ER&EF)L+7 v b AF—7)
2. B5DF—vtEv b (DAY ANFHRTEEE WAL ELT)
3. HETE [Copenpls.app 159 42 L A £,

FEITHTH, HARcOoO—HIL17 VA S—I)LIcikET S B, RUEEEEBETTCE£Y,
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I ZR—KEN2EIE Results? JICRRESNDHEER LU T,
NEENIZPLS-SEMT—4 7w k TDSmartPLS & D LhE 3z T,
AT D5 R [Zopenpls.app/validationm 5 >V 7 SN TWE T,

8 IZKRL—y3av

OpenPLSIF7OY 17 haHBAERT —7 A=A ELTRWEY, HEE U —FF7I IV~ &)
FEXCIIHBETEET, INTOTFI Y a VN EEIIINZEKT DT, #AIMAZWDIT o feh E BT TS L
doRL—ravicEdsadnNTld, 72K v JOManage?d [ lcHpDET, 30DT T2 —  Team

8.1 Team/\XxIJL

Manage - Teamz =, H27ICRd /)77 =z 2L 59,
320D g VNAIT I EINET,

1. Team : ZF1. X—JL. 7)\F— BIOEFENZFORED INTOAV/\—, A—F— (FOV:
9, FTOARICIE. KREZBEEHROT I avhHDEd, HIBRT7I Y 3 vigA—F—ICOHE

2. Invite person : A — LA +EEI ROV TY D+ nvitel Y v, ResendfEH CE LA AHIBRT A — )L 7%
/invitations/{id}=F < UV UEHTEE TEE T,

3. Pending invitations : #Hi5 A —)L. Y7L 2T T B L0 Revoke 7V g v S R AGEIAR O

8.2 %l
3DDEAE

« Owner : {Fall#E. 7OV 7 hDHIBRZEE2OINTHATEERT,

-« Editor : 7 —%zv h. ETILORE. FEOET. SELFEDET. REDRFENTEHI, T
DIEFEFTEELA A—F—DHDFIE) .

- Viewer : 5t#MDEH, INTOHERETLIAR—hZ2RRCE I, ALEB TSI T A,

REIOZESBIIBIEICERICAD, SEBOTICRRENETT,

8.3 HAFD&EIE

1. Email address 7 -+ — )L R ICHEFFEDA =)L KL 2A&E AT L F I,

0. &%= 3R Editor, can edit= /= (S Viewer, read only.

3. Invitex= 7w o LET,
OpenPLSIET —FIN—2AWNICHEFTY MU EIER L, FGE VY INED A EZBHFEICEELERT, XA—
DHEDTHD5E. BEEFEOI——D/invitations/|—cETICBZEZ YV RNLET,
BREYYIDIAE—, SREHBEH— RICIE TCopylinks 74 IVAB 0. EEURLE Y U w FR— RIC]
AX—=)L7 4 LY HIEBR 25 E BRI T,
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Projects
All projects

New project

8 DATASET 1 MODEL [ RESULTS 32 ADVANCED B REPORT

ECSI: Customer Sati...

B ACTIVITY & SETTINGS
Examples

Editor, can edit

Figure 27 Tcam™ /& CEBERIC A IN=U X R TERICHBRFE T 4 — LA FDOTITHEERDIBR

WOHL, FE DI —FDORevokez 7 Uy 7 LET, BRI ENICED AU VI E8F LG D ET

K/COpenPLSFZH T > b EFLBRWBFI—T—F, AE7HO—&AT
ERRNTZERT (A—JLIFEBRIAANSNTWET) , BFEFIFEAEZITDET
BAEERT B0, HICHA V7 v U TBREINZLEIFHD F A,

8.4 F‘FgOv
Activity 72— (X28) ICUIDEZ % & BEEIIFNETRRSN £,
Ny T Ty RigANRNY NS EIDOI Y M) EOYICEFLET, BEMBESN D ANV K

- TeamARY b @ A2 )\—18RF, BRAR. BENDBEL., BEAIER AVN\—KAZH, AV,
YYTIINTAOY U NER,

- BEFIEERT oA VATEAET,

- BERFEDET  MICOM. Moderation, PLSc. Copula. IPMA. PLSpredict. FIMIX. HOC. N
SeldIT> Y,

(F72) OJICEFTKESNBWED | BootstrapE T, MGAE(T., B4 D ETIRE. 7—F v 7 v 7O~
Bootstrap &E MGAIE. JEBIOVICHIN T ICET R F 2 XY M ZBEEEZIAD CloudRuntt —E X TEI{TEN S
runsy BREZMERL TSV,
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Projects
All projects

New project
[Pt B DATASET ¥* MODEL [ RESULTS == ADVANCED B REPORT

ECSI: Customer Sati..
& TEAM 8 SETTINGS

Examples

Activity & comments

OpenPLS E2E Bot Sample project cloned (ecsi-customer-satisfaction)
just now

Figure 28 /ctivity = LA AV ERFEEED, OV

85 7AYzV hHhSDRHEH
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FNETIE. AV b ZSIZETBRENH S HEIFTR— MER LTS,
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* INTOZFAMOFEHRIY T2
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& TEAM B ACTIVITY

=

Examples

( Project details

pean Customer Satisfa dex): image, expectations, perceived quality and value drive
deal as a first PLS-SEM entry point.

O DELETE PROJECT
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ECSI: Customer Satisfaction

About you

Age

The organization has a very positive reputation in the market
1 p 5
Strongly disagree Strongly agree
| consider this organization to be stable and trustworthy.
1 2 5
Strongly disagree Strongly agree
This organization stands for quality and customer focus.
1 2 5]
Strongly disagree Strongly agree
The organization contributes positively to the community.
1 2 5]
Strongly disagree Strongly agree
Overall, this organization has a poor public image.
1 Z ]

Strongly disagree Strongly agree

Expectations

| expected the products and services to be highly reliable.
1 p 5
Strongly disagree Strongly agree
| anticipated receiving personalized attention from the staff.
1 p 5
Strongly disagree Strongly agree
| expected the overall experience to meet my high standards
1 2 5
Strongly disagree Strongly agree
| anticipated encountering numerous problems with the service
1 p 5

Strongly disagree Strongly agree

Figure 48
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Share as public survey (i) ¥ v
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Share as public survey (&) ¥ v
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