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Or OpenPLS FH 5 H 42 PLS-SEM?

1 {t4 =2 PLS-SEM?

/PN _FEHFREE (PartialLeast Squares Structural Equation Modeling, PLS-SEM) E—FHF &1t
PLS-SEM i@ —)R &1t B A B & =8 B K BLAY (o] :

1. WE. ATYNRER (BAEXE. W9, ERSFIEN) EZAREELRRTSMEERR?
2. 1. SPSYEMBSHEEBENA? RARERREMHEE? FEISEEE AR
3. Wil AN RENAM? N TEHRMNEHA, ERSZHA?

S5EFiHHFZEMSEM (LISREL. Mplus. lavaan) A[E, PLS-SEM REXREIERM S ITIES ST, ERHT/NME
+HE B LB o XIEERABLYHR. TIHEH. EERAUROREZNEETSRIFY

1.1 BEXWBER
— PLS-SEM 1R BUEH PU S8 TR AL -

o BTE (LVs) : R OHEE. UREBERR.

* B/ BEE (MVs) . BIEETHTUESDLVHIWNG]. EEREREERTUHFESRR, &
OpenPLS &, BTN, AJHE%A LV.

o MEBHER/ SMERIERL: LV 5EIEF R BHIET L. AEK ST kA (Mode A: LV 5|i#21Elr, BIAHER
- satl.sat4) 5REEE (Mode B: #5FRr5[#2 LV, fFIanlgA + ¥ E - SES) .

o FEHER/ RERERL: LV ZEMEF L. XEZFRENBIR.

12 mpide

PLS-SEM 32T A AMB/N B3, ELZUSK:

. EASETMASRANE, KEed LV Gt AREFNnNEE.
2. BYREIALE LV SERITBZEHTHE, ETAMERNEREAR.

WSORERIR (BE <100RER) o FoERH P ERE Bootstrap: WHHEHTAMENEMEH TR, HE:

1.3 OpenPLS HiREHTA

OpenPLS 2— 1M EKf. FFil. ZRER PLS-SEM TR, F£—1IE TIRATA:
o FEEHEE (CSV. XLSX( SPSS.sav. Stata.dta) , EWERSE. BEHEZHGALATFALE, H—52IF:

]3 ﬁ) o
o LIS FIRER (MLVIERILV) « HERBETAZER, EEiL AlCompanion iRIEHFE ] # 4 5 —
122) ,

* IH PLS i, ®XEREALHERITH.

s EHNEREZ: 5E. AVE. HTMT. VIF,

* IPEEMRE: Re. BEF Re. f:u Qe SRMR. dULS. Fornell-Larcker.
* XPEEREET Bootstrap IUREX p ERMERFEX .
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o IETHMBE: MGA. MICOM. BTN TN IPMAL PLSpredict. FIMIX. HOC. PLSc. &
Copula. CVPAT. ENzE (Nomological validity) « £EHFERZ=E.

s EFEMHRENRIEBEEXMARR, 5—1M ENTBEHEREE RIEHEOMRMNBFITE, EERLZEKY

#®8 (Results) /3¢ (Discussion) EF AR MM ERALL —MERREEILE—ME ORI

PLS-SEM i v EZz E (B 12%F) .

BFEMZITSE A PDFL XLSX. LaTeX, skAHFAEIMHMBEES JSON G,

BUEHES . REVER), HRESMEERANEITRE.

AIEFE R E REB KRR SERRE R IR & — T 48X L Thit.

AFEEI RS OpenPLS 0.3.27 R AR E I, &fTHiE 5 cloud. openpls.app. E4EHR A 4 S HE A BEBE B |

2 JUENTT]

REE—NIK PRIEEFETH. FifEhttps://cloud.openpls.app, {FRMFETM. BIEHEF. RIEHA
Projects Tam, BIMRAITIEX.

2.1 Projects TimE

Projects il (B 1) 2fFfNERE. EFIETIRERGEMNESIIE, FEIKHEERMEGRIRE, BNES
=MiErhm (B TEHRS)

1. New project (ALf) : —1MFAILEX. REEECHNEEEFMNSHHRWEER,

2. Examples: REIRFIE. —EEITE—NEHRPNES PLS-SEM &) (ECSI. MOBI. Russett. HF &R
+ R A B S KBk

3. Createproject (ZRASFRAT) « 5 (1) HEAMNIEEANREST . FRAXMEHASTELRE, BER

22 glEmMA

RITERE— New project I SFTHE 2 FrRIXIEE,
BEERAR (B2TEHRS) :

1. Projectname: %I, 2240F&F. M 2026 FRZHEE" )" H1 L%, ERIAG)” H].
2. Description: A[it, &% 500 MF#F. AFICRMREASKEAERBIRIEZ. RN BRLEREIEE
3. Rir Create. {RFFHAFTHIMEFERE. BTEARKNEES, AT Dataset FrEm, PUER

23 mE—HEZERE

WRIRE PLS-SEM BT F, AIRIM— P EMRFNRE A, Ririska Examples THRBIE (E
3) .
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OpenPLS

Projects 5 —_—
Prolects | 8 EXAMPLES | + NEW PROJECT

All projects
New project

Examples

No projects yet

scientific

;- CREATE PROJECT | (B BROWSE EXAMPLES

Account

Help

Figure 1 Projects HT1: TikiRfH New project 1 Examples; +RERZSF RIzHABRA A 1E.

New project
( r prc name.

ject mame

CANCEL

Figure 2 New project XiE1E, G& BMRFE. IAHATE, UERAT AR Create #1E.
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D Projects
= <« Example pl’OjeCtS

m Examples S-S models from the

( Brand Experience (Brakus... | | Digital Health App (TAM ex... |

Four-dimensional brand experience Acceptance of a health app: usefulness,
ehavioral) e use, health consciousness, and and effort exp
: attitude and trust explain p!
intention to use Highly current eHealth use. Very current marketing setup.
setup

DETAILS DETAILS

( ECSI: Customer Satisfaction | | Employee Engagement (J... | | MOBI: Mobile Phone Cust... |

Classic ECSI model (European Customer Job Demands-Resources model: demands ECSI variant tailored to mobile phone
Satisf cta . and resources operate through work customers. Slightly smaller indicator blocks
pa ived qu‘alﬂ e drive anaquPm and |nb satls n onto ]nn than Ihe st ard ECSI, useful fnr

Figure 3 Examples E. S KFRETEEERITERMEIH,;, REEERAEAITH, RERTE
Clone into my workspace %l {Er] a8 5l 4

| EEEREAERRG RS (REHEE. RIBEk. BARE. TIERA. @B, EUA%-
+ .,

2. f1ifi Cloneinto my workspace. OpenPLS SR P T EIE— M RABEIA. RATLL B HBIBRIEFR.
LV. BXEER, MERARAXEM B RETT.

XLERBIERE PLS-SEM YRR A BT AT BFE 25 (Tenenhaus
et al. 2005. Brakus & Schmitt 2009. Bakker & Demer-
outi 2017« Russett 1964. Venkatesh et al. 2012. Davis

1989) . RRS|ABEESK AR L. AREEEERHINE, BRIEBELARNBEEWRIMER, NHSB

24 HIRHENmB
HEALEE, ReERBEIFREE:

* Dataset: . K& RIEHRELAE
e Model: HE&ERl (Editor / Form / Versions)

Results: &FIEH
o Advanced: 13 Fhdtph753E

e Manage: HAPRA. EEIHE. TERE
BIVERRNBEMFER. T—%: LEHES
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¢ Guide screenshot placeholder

% MODEL [ RESULTS 32 ADVANCED [ REPORT @ MANAGE

B QUESTIONNAIRE BUILDER

Upload dataset

* CHOOSEFILE

Figure 4 =Z=fy Dataset #7ZE . MEPIREF1E Dataset. Model. Results. Advanced. Report
Manage zZ [@1#t. THFINHRESHFIEE LR BEAFIBAE.

3 HIEE

SN MBENEBRRZHEEARITE N EIESE. OpenPLS AN CSV. XLSX. SPSS .sav
#1 Stata .dta &, 1 7&K 50 MB,

3.1 =gy Dataset @

B EFT R BRIABUE Dataset #5571, AR E AR MEAEIE, REFEE 4R EEXIg.
S ANEHE:

1. #IARTE Datoset #x%5 . EREIMBENE —MFE .

2. BRI ELENX, IREeIFRIERFN CHIERSE.

3FF CSV L&, OpenPLS #H TREFTFH CSVseparator iEiE. ESTEEIILIT, FEMNENSBERF (- ;
% |) 5 #IAEHEE.

MEGHER — Excel  SHigy  CSV BEER “f EASRR. OpenPLS
BRI, BERT ELEZAERAMERSTLH, 2RAEREFELBEXEEENRIER.
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© PREVIEW

TYPE
imag1
imag2
imag3

imagé

Figure 5 _Ef&/a) Dataset EiR. FiEE&EF A B7x Ready RSFRCMHRIMERABHEE;, ANEEREREIIFKITH

CAMNCEL APPLY AND RE-PARSE

© PREVIEW

imag1

Figure 6 ®R&KFDGRIERS. EfRfric i@ X Bk, FHNEEEBIRAESRM; Apply and re-parse
B EN I EFIEZEC .

32 HIEEESEWHER

RTERS RImEETT, XNTHREVHNT—RY. TRE, ZEEFASEIELE, FEREEFRESR
5) o« AR MFEREER:

1 RTSHRIE: MTEREEAREFER “Ready” o MRREFLE ( “Eror” ) , RinBEREERHRS
2. BREMIRIC: B OpenPLS HaTH AR EMNEIE. FRIAAI-99, -999 & SPSSIRA. RAIXFRICHET

AMERFIEG—FIREELE (numeric. string. mixed) . BREBITIRPEE, UK (WFEET)) &/IME
string i, BEEKREE —MEHERTEREAR T,

3.3 ZRIEERKAT

—LHIRE AT ARIBHRK, S—LEM-99 (SPSSERINE) ., BBEMMEA 99995k -1. X—THmER" Aft.
Re X AMR? “XEPBARERNEER — RESBIHEESIEESLEIR, MmhRHEX .
REFRKRDINE, FIHE 6 R gmEss.

B 6 =1 R:

1. AEHEE: SMEEE—NMrc. /REFCEN X FRMEESTHER.
2. FMRE: MAEEEY (BRSO, REFAREEENAE) . RitAdd. ERFUFHIRCHF I

3. Applyandre-parse: KRS X ERIREEE, REHEAEFTEHNHEEEINZBCHHRFFIS1

9
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N FERRED = MK EFTAT . MRIREKUTEIER, ZHEIKY, aEFTRTEREENESIT.

34 EHEEZNHEE

— P HEAUAHREZ M EES BIUES ER—D, ARR/FEAEREFL)  BUERERE B
Dataset iR UBRIIAE, RADRIEE CIZR AN EIRE.

3.5 MIpREIREE
EMREESR, BRARRFEEZETN AL, RAEREREER. BERZENR, TTOARE. WRmME+E

RSN ETTARE . IE T {HEREMBREEENEMERET BN S LE, 15k
Model iFE R+ EH KRB B — M EIER, HE —FHHRIZRE,

4 HyEEE

OpenPLS Rt =R M 5

e Editor: AT LiEER. XEEEMNITERE, BE OpenPLS MIRFRINEE.
e Form: — M EE LV RMBARNEBERE. SIRIWEE TR FRIMIL - EHIR EiREE.
* Versions: SXEEHEMEITHE. SOTESSRERE + £ER, FIRATUIRE BHEFARRAVRES

X=NFRERENER—TMEERE. AT BB TR,

4.1 AL miER
mir Model ., Editor T E 7 FisiE . TEEMTER LT ANMER NGBS EEREENS — P EE:
MERAREZEE7, TREES:

WA — P IEAUNE—#EEFEE MER . MNTHRETIZE—.

New model: GIE—MHMTIEE . SEEER®Z,; FHEA 1 Settings ~&Edp &.

HIREEER: SMEETSED — M HES. WRREEZTE) CSV, EXBERE.

Undo / Redo: macOS &2 Cmd+Z / Cmd+Shift+Z, Windows #1 Linux 2 Ctrl+Z /

Ctri+Y. Undo < [EIR LV MBI fEFrPEAREL S

AddLV: ZEHANBENVERE - MHNELTERBIFENETE,

Autolayout: 1zf7 dagre EERAINNFMEZZEHFIT R. XEMN—HAESHEE DA L FRKFER
Fit to window: BEHREFHETTFHRBEA LT R

Export model: 548 T#i 4 .openpls.json (ZER OpenPLlSiZx, ESUBEFER) =

.splsm (SmartPLS 3#& M) XML) &

OO~

© N o o
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Customer Satisfaction
All projects o

New project
projee 8 DATASET ES S > ADVANCED B REPORT 8 MANAGE

ECSI: Customer Sati...
i FORM €9 VERSIONS

Examples

= O + B O

+ NEW MODEL ECSI: Customer Satis

@ ADD LV , AUTO LAYOUT ® COMPUTE

Indicators

Q

A

5 Perceived .. D

»

imag1
p@Epectati p@Perceived . o q

imag2
imag3

imagé
o Satisfacti. o

»
imag5 » Image

expel
Loyalty

expe2

expe3

Figure 7 m#ifks@iges: THEF (TREB) « Vue Flow B (hR) . fgkrflintz (AM) .
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F =2 ECSI: Customer Satusfactlon
e Sa acti d value ¢

All projects

New project
[t 6 DATASET [ RESULTS == ADVANCED [ REPORT 8 MANAGE

o + @ @

ECSI: Customer Sati...
ch FORM €9 VERSIONS

=

Examples

cator counts across all latent variables

‘ Allindicator names match dataset column:

ECSI: Customer Satisfaction ~ + NEW MODEL Customer Satisfaction ~

@ ADDLV A& AUTOLAYOUT [H ve @ save [© COMPUTE

Latent variable

Image
A, REFLECTIVE B, FORMATIVE

agl imag2 imag3

imagé imags

pgPerceived..

Indicators
p@poctati pPerceived .

Q

imag1

Figure 8 LV #ik. Ak KILIRESE. BEXONEERL FIERIET.

9. Liveflife: ¥IHfE, SREXFS00ms, OpenPLS i EFHITHEL . BERBSIBRELL, R
SHMES AL LV No RERERR A BN &%

10. Save: ¥YUFIREEAIEE. RBEBRE; RifiSave (8 Compute, ExBRARE) AFALR

11. Compute: RS RmSITRENMGIT (Bootstrap +#5#R) , EA—"Result 32y, HSAZ
Results #r%& 71

TEERN
. LV &5
- RRNEEROEE: A (RIRE) %8 (KRR
Eﬁ%%ﬁ%ﬁﬁ Bl 5 MV
- BHELRE, BENSERR

BRBRERABNOLY 2BEMET L. £RELY £, AM/NERERFWH, £BFFLY £, ZURN/NZREBEHR
ARYIET— LV 2 EANWFTH 4RiE2E (B 8)
1. Name: BHE 4. B EEEs—5sI Az LY HER.

TRE, a8

12



O» OpenPLS A F%5F

Projects
All projects

New project

o + @ @

ECSI: Customer Sati..

=

Examples

ECSI: Customer Satisfaction ~

Mod e
ECSI: Customer Satisfaction

Latent variables

Figure 9 Form F#IE: THE LV £ (BFR.

pute,

sfaction

Satisfaction Index): image

8 DATASET [ RESULTS 32 ADVANCED B REPORT 8 MANAGE

¥ EDITOR €9 VERSIONS

+ NEW MODEL

Datas
ECSI: Customer Satisfaction

AR E

(® COMPUTE

Scaled

wR. R . THRERER, ALAE Save + Com-

2. Mode A/ModeB: BREIvs. ZpEL. RERALELRE LV SIiREEIEN R (RETHEE, A

satIm—# 2 k) ; EREREREEFREX LY (WA #HE. RIHEFENXSES) . &
BATEWSN (Mode A I FEREMEZ
3. Indicators: — N HIEERERETINZIE

B AR RAREEREE) |

o HEUARIM—MEITS

BHIE, EEER

MEMELY BN B R k. 27

Indicators Uia = E#3Fric e LV BB £, OpenPlS M M E1ZiEir.
4. Delete LV: @+ A/NIR@EFR. BERiZ LV UL IERTEIME L & REREE.

A Indicators  MinAEF|EE—
LV (&H)

43 RBEUHE

HESIAPBERTEE. )#RE Form EFEETRENRER (B?) .

NRIRIEET,

HEE—1TMMERRCHEFEREN
o —MNEIRAIIAHIESZ LY 1, EXEBEERAEREGIR, BEMKESEZAIEEER.

REZ—IMEBMHIMLRE. ALY REBPZBRMLY; MNESITHRZIEEDIRFER. ERBERTHH
LV THRAET IR (RERBESRTREMN— X B BRI,

e EARE: ML T EHHEIRE. BEAF, EMREEE,

44 FRTTE

TR Lve i BIBEERITE.

=2 Sullu: S EEN

R—BEME) GRILY.
MBIFEE 500 ms, REHERFEFIHIEIT

EEREF. QikiEtR. EwE) , Open
Y PLS it —n%/m@# %'J
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Projects
All projects

New project

8 DATASET [ RESULTS 32 ADVANCED B REPORT 8 MANAGE

o + @ @

ECSI: Customer Sati...
¥ EDITOR ch FORM

=

Examples

Versions (1) All models -

Figure 10 Versions FFk. SIXEABMNITEESRZE—KFH, BR LV/B& 421t #. GoF
R B E R L.

s BMAE LV AFM R: 5% F R:
s BEREMPE CREZRE—XR7TE Compute ifizfThHI Bootstrap, ReE&SRILBEN B
Bootstrap)
T A5 Live RS 7 computing---. waiting--- Fl error > [@{&3R, iR T BREBESHIRES.

IRITHEERR AN—FHMERNEFOE MR LET LT KRRNTTE. I THEBEFHET
Compute HIfFZ RERIREIER, BEXHXINEE.

45 B

BxiRRE Compute, OpenPLS R TEMER + HBRRBEI—PMRAMUFE T VR
Versions FE (B 10) XHE1il.
ST TS Sl
o VH#: EZMNIRA GRS
ERBRER (—MRIE)
GoF: ZMAZERNUEME CERIN)
BIEEMLGI—ITRIMER (LV 8. BEH
Rename (GREEMR) @ MZMAITIFZLUERKSE, fla1 “pre-invariance test” =
“final submission”
* Delete: ®rizhit. REMNERLE + ER < — MR-

REMASARBEAELISINNRESRTS. BREVE. 5. &KX, —#HxBH%.
EERAAMA: BDEFAKKF ENERE. ANSFTA—DHAEXNERE, BRI EFIE. MiRsER



Or OpenPLS ARfsE THEH RIS

MEMA SBHERIEN fRiESIRE. MRRERREFNRE, BELRE
Save (Ff—k#FH Compute) , UBBE— A EIRARIR.

S HEHAEER

—BEREREDPHE—IRE LV, FEES LV ##F = | MNstr, Editor/Form T A=+ Com-
pute IRAST AL LERB. AFE. HHEERSSImoT, BAERNECSIMBETEEISHRER. KIE, C
251 F) Results #Rr%E .

5.1 Results Tk

Results #r2201 (B 11) TR, TEBEKKPIRA. AME=ASHIZE, THRFARKBNFE.
TSk B 7RIU5K KPL R fe

1. Goodness-of-Fit (GoF): v(mean(communality) x mean(R:)). fAEMIE ISR, KT
0.10 #53, 0.25 A%, 0.36 U EH3R.

2. SRMR: FREARENITIR. WX SRR A EE Y BNER. T 0.08 2RIFNANESR
0.10 WS, BFETH dULS R B—FERIE.

3. Paths: LM+ REBRAL R

4. LVs/Indicators: BTBMMBRIEIE (MV) B8 ELLESRIETH AESEIHRS.

KPI EHFR—PMEREFTHE, FIEIAERENESXRIE Compute, HERNER. AJAENEFFIZIRE T
EEBAME=1FHIEE:

e PDF: AI¥TENMIIRE (BRERE. Fi&. SE ) o
o XLSX: —1MNI1EEOSHAERE, §MEFR—1PIER (Paths. Innersummary. Outer
loadings. Reliability. HTMT. Fornell-Larcker. VIF. Effects-:---- ) o

* ReportJSON: —MEEEHMNISONE, BRE. HREXRBME—PNERRER. B A EMHHER

5.2 Innersummary (Z£iA)

Inner Summary &3 EENEELZEUL:

* Re: HEHAIBETEMRBEMLY FZE, 010485, 0.25 %, 0.50 A3&. INELV (ERIBETE) BRA
0.

e Readj.: RPN ZEHNEHTHIAE. BEHEE RN ERILIER.

o BIC: LVAMTHERM I EEEEN. BESLT, REEHREREZEABLEERX.

* Block communality: LV $#E#rHEHEH#R. #E = NEHRE.

* Meanredundancy: X+ EZLHFES LV HEIETE" TR

* AVE: PIHEEHBE. 5T 0.5 BWE LV BENHTEZ TIRE.
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Projects
All projects

New project
[t B DATASET ¥* MODEL == ADVANCED B REPORT #8 MANAGE

o + @ @

ECSI: Customer Sati.
Al hints

=

Examples

ECSI: Customer Satisfaction, 08/04/2026, 11:18 AM 0.34s @ POF XLSX {-} REPORT JSON

LVS / INDICATORS

6 /27

10

PATHS INNER MODEL QUTER MODEL RELIABILITY HTMT VIF EFFEt >

trong. @ 0 copy,
&

IC Block communality Mean redundancy

Figure 11 Results WHRET: PEE. SRMR. B . LV/MV #Ey KPI
ThH. THEAMREWIFHARNS: Inner Summary. Paths. Inner Model. Outer
Model. Reliability. HTMT. VIF. Effect Sizes. IPMA.

5.3 Paths

iE Paths FArEW (B 12) EREEMEREER.
XFEFEE OR - BfF) , &RT5IH:

* Estimate: FREMMIERERE. & OLS @IFHH g —FBER.

Std. err.: kB Bootstrap.

t: estimate / std. err. XF 1.96 AWK - F « =0.05 BE,

e p-value: Bootstrap B p, 5t HHIN.

95% Cl (lower, upper): B2 Bootstrap BiEX jg. MRCHKRE, MiZKEEE.

BYREA LAR/NEHEFETEH LaTeX gEhiR 4.

5.4 Inner model / outer model

Innermodel frREZ A — M EENRTERERE, LVXIENTT. Outermodel RiIR: SMiERFR—1T, BRHE
LV. #Hfir (Mode A) ZXE (Mode B) DIX t &it&E.

fRIFHEA: §7F0.708 (v0.5) BWELY BT > 50% HistrZ. KT 0.4 BT 2 MERNIRE; &
0.4 2] 0.7 2 @ M{RAEMIRZFREAE AVE ISR E

5.5 Reliability

Reliability FRE& TR FEA LV HIFEANERIL R P K SRS H -
- Cronbach’ sa: 5%, 1Bi% tau SNEHE; FET.
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Or OpenPLS ARfsE THHEFFFEER

mine Non-Significant Path Coeffi

>Sl: Customer Satisfaction, 08/04/2026, 11:18 AM 0.28 5 @ poF XLsx  {-} REPORT JSON

LVS / INDICATORS

10 6 /27

INNER SUMMARY INNER MODEL QUTER MODEL RELIABILITY HTMT VIF EFFEC >
[ copy LATEX
From To Path coefficient
Image Expectations +0.5790

Expectations Perceived Quality +0.8483

Figure 12 Paths FFE: SFAMRABELEMGIHE. PR tRITE. p B 95% Clo

« AAEE (Dilon-Goldsteine) : It PLS-SEM ZRiAEAR. 0.7-0.9 AHESE, >0.95 RAFISIRTT A
o 1/ E2%IEE: XRMAXEKENEFTE. BREZAEREEE (F—MeXT1, £219
=~ 1) THEFRMREX AL,

RSB RE «>0.7 Hp>0.7. WFEHRELZ, EEREENX, BKRE VIF,
Dijkstra & Henseler fi—EZE (,_A) {NFERIETT PLSCc R4 (0 6.6 %) &

5.6 HIMT

HIMT #5101 (B 13) BR8XEenFR—ERMEER, 88X B RBHR S UERERNE.

HIMT ZBIKIR S ERK. JTFENAEE, BHE FR” AxE (BE) 5 BR” AxE (WS
1, BMEHMEAK S .

ETRI=

e <0.85 (Henseler. Ringle & Sarstedt 2015, {R5F) : &%
e <0.90 (Kline 2011, ) : \[EE
* >20.90: EHWZ. WERE—SEFHFUIEFR

OpenPLS iF1Z1T Bootstrap kg4 (HTMT-BST) , AEMIREIBEX[E. MR CIA EFRHRR 1.0, NHBZES

5.7 VIF

HERKEF. WL

- OuterVIF: FITHAMELY HHishs. RWEREZEZ BN REF<5 (<SSEEH) .
e Inner VIF: BTG ERHREHFN LY. RNFTNES SaREH; HEAR.
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ECSI: Customer Satisfaction, 08/04/2026, 11:18 AM 0.36 5 @ PoF XLSX {-} REPORT JSON

LVS / INDICATORS

6/27

< PATHS INNER MODEL QUTER MODEL RELIABILITY VIF EFFECT SIZES IPMA
riminant validity: HTMT < 0 i 0 (liberal) 0 copy LATEX
HTMT]

Expectations

Perceived Quality

Figure 13 HTMT FIRER: ZAEETNER—BERMELER. BYEHEE (0.85 fR=F, 0.90
TN HIETERSHRE Bx.

5.8 Effects

FNE - BN ERE. BENSEN. EREPNMUENBRER: EERRERESH G L, BEINEE
LV HIBREZH, BRNEZEZ M.

5.9 Model fit

EKPIH%E T, OpenPLS XEx:

e SRMR F1dULS: B 148
» Fornell-Larcker $5f%: HTMTIEBERFT R, FHEXHPUE, EXNBL EHNFEHEXRZELITRTX

/AVE,
£ HTMT #0 Fornell-Larcker z jg], HTMT @ E#T H E8URRII2IHT . WRIRETRA R, 1EFEEH
6 HMFIE

Advanced 5% T2 OpenPLS B EA PLS IZ1TRItM TS . MLSHMTH=1"4HTHE 13 M7 %:

* ¥lT: Bootstrap. MGA. MICOM. Moderation. Nomological validity
o FEf#EM: PLSc. Gaussian copula. Common method bias
o {EARIY R IPMA. PLSpredict. CVPAT. FIMIX-PLS. Higher-order model

T ENREREMRAR: EMPRERA, RHERUn, FFERSIFETR, REEETHHNERERE. 8K
“Pastruns” THAETIZEFE (K 14)
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Projects
All projects

New project
[t 6 DATASET ¥* MODEL [ RESULTS [ REPORT #8 MANAGE

o + @ @

ECSI: Customer Sati..
C Reading your project...

=

Examples

Method-Selection Assistant

INFERENCE

Multi-group analysis

MICOM

Moderation ECSI: Customer Satisfaction

» START BOOTSTRAP
ROBUSTNESS

= PLSc

Gaussian copula

0] Common method bias

MODEL EXTENSIONS
< IPMA
~ PLSpredict

& CVPAT

Figure 14 Advanced #5% 01 MSATE 13 #7355, ANEHRTER.

6.1 Bootstrap

BiY. ASNBREREFMNERFITERER. tRITE. pEMNEEXE. EATNTRRITEREREME (
15) &

BN

1. lterations: #RIA 500, AI&FRZL 5 = 5000, RERTBSEROMEMFAEFHITRE, FISTHI
2. Seed: Wi, RERNG #M¥. MRFEZETEIANIER, HREFMT

m i Start bootstrap B5f. iz177E Cloud Run k% £; ERFEERR SRR ERERE + ETA.

. XTEFKERE, Bootstrap ‘U THBREE LMN— 127, OpenPLS Mz mhitESEMIT. SEC
= 518/SE. p EMB AL Cl.

6.2 AN (MGA)

BH. RRBEERAMETRAZBETEEER (XM vs. B KB vs. E. AEAvs. JRA) (E
16) o

BN

. SHETE: BHEASENBIEERS. BESITIERSA; FRHRIZRESH.
2. 8 BA—KFh. §TFFFEHEY, JRETSHANE (H12GCGroup A={Automotive}, Group
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Run IPMA for Loyalty

Method-Selection Assistant

INFERENCE

Evaluate Discriminant Validity Against HTMT Thresholds

Moderatio

Nomological validity

Gaussian copula

Common method bias

MODEL EXTENSIONS ) ) .
omer Satisfaction 95% .

< IPMA
P START BOOTSTRAP
PLSpredict

CVPAT

€9 Bootstrap runs

Run
500 it

Higher-order model

Figure 15 Bootstrap ik, GEERXRE. M+ Run &,
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Run IPMA for Brand Loyalty
Your R? for Brand Loyalty = 0.29. making it a strong target construct for the Importance-Performance Map Analysis. Use the advanced tab to run IPMA and identify which
experiential dimensions drive loyalty most efficiently.

Evaluate out-of-sample prediction with PLSpredict
With endogenous R2 values above 019 across Brand Loyalty (0.29), Brand Personality (0.24), and Brand Satisfaction (0.24). your model meets the criteria for predictive
relevance. Set up PLSpredict in the advanced tab to test case-level indicator predictions

Test for unobserved heterogeneity using FIMIX-PLS
Your sample size of n = 380 provides adequate statistical power to detect unobserved customer segments. Run FIMIX-PLS in the advanced tab to check whether latent
segments affect your 5.

Method-Selection Assistant

INFERENCE

Bootstra)
|A P Use category column for grouping

Your dataset contains the column category with 380 rows, making it suitable for multi-group analysis in the PLS-SEM
software. Check its unigue levels to ensure each subgroup meets the minimum sample size of n »= 30 before splitting

Run measurement invariance testing first
Before comparing path coefficients across your groups, run the MICOM procedure in the PLS-SEM software to establish
Moderation measurement invariance. Without configural and compositional invariance. group comparisons lack validity:

@ Al A GlE Target strong structural paths for group comparison

ROBUSTNESS Your results show a strong path from Brand S ction to Brand Loyalty with estimate = 0.54, and Affective Experience to
Brand Personality with estimate = 0.30. These high-impact paths are prime candidates to test for group differences in the

MGA tab.
PLSc

CEERENGEEE A28, Multi-Group Analysis (MGA) @

Common method bias Compares path coefficients between two or more groups using Henseler's permutation test.

MODEL EXTENSIONS Brand Experience (Brakus & Schmitt) category (string)

< IPMA

Groups + ADD GROUP

PLSpredict
Name Name

ST Group 1 Group 2

1es (mult; ) Values imaft
FIMIX-PLS Automotive € Fashion €

/

Permutations

200 » COMPUTE MGA

Higher-order model

€9 Previous MGA runs
Run
category - 200 permutations - 2 min ago

Column: eategery - Iterations: 200 - Duration: 141.3s

HZ 85, MBHEX—KFH, REERRE.
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B ={Fashion}) . XF#EY|, RE&/N&HKE.
3. BE#xE: 200HkiE, 1000 EIA, 5000+ FF4Fk. MCAXNEBEZRRFIZI T RETEBRNKLE.

R, NTFEFRE, RMREFEHETNMEIHE, URERKRER BEERATHESE THPpE. R
P <0.05, NZBMNERAZ BFELREER

wESET MICOM. MRNEBAZMESE 2 F (AEFEM) KEY, B4 LV
AESHTEXATE, EREEREFREREX.

6.3 MICOM

Bi). RIEFWAEZ BNASEENELRTHE (Measurement Invariance of Composite Mod-
els) . BHHT MCA/EHRXEAITHERSFEG (B17) .

BWN. 5MCAHE: SEXE +REFRIMAH + BIRXE.

E%. 81T MEBE=SHE:

1. WEREE: HENER, HENEZL. OpenPlS BEIHE.
2. AETTM: SOHLVHNEASSBERAZBNAXMEL . pE<00SBRERHNAESHLRES,
BRI R
3. REARTM: AEMENLENE. MREF2DIMNEILHEYT: TE2LEME. MRAEE
FEE: BOFEME: MCA WLEREBRNAER, RERTELEREBEEDE.

6.4 Moderation

B RIEXXNYHNHUNEREBRTFRETLTE L. FAMMESE (Henseler& Chin2010)  (H
18) &

HINo

1. Predictor (ATE) : Y = X + Z + XxZ T Xo
2. Moderator: Z,

3. Target (ATE) : Yo

4. TE LV &FfR: A, BRIAA X x_Z.

. OpenPLSEFBAKRE, ME—PRELV FINEEMEAHEEHSSBMNER) « REMETEXS
PE<005, NMFAHTEEBHRET XY XK.

RETHHXAREEEEATMHME: XoYERFATEER (M-18D) « HEMS (M+18D) 4. MRFELE
X; NSRS, NPRESES.
6.5 Nomological validity

BH. RES - FRREEZNFSHNEZMEEFATH. B5ERINEEMERE.
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Run IPMA for Brand Loyalty
v S L

Method-Selection Assistant

INFERENCE

B MICOM — Measurement Invariance @
N Bootstrap

Multi-group analysis

Moderation
Nomological validity
ROBUSTN

= PLSc Brand Experience (Brakus & Schmitt) tegory (string)

ian copula Groups (exactly two)

ommon method bias

MODEL EXTENSIONS t
Fashion

<O IPMA _

PLSpredict

» COMPUTE MICOM

CVP,

€9 Previous MICOM runs

Higher-orde . - . ~
g category - Group 1vs. Group 2 - 1 min ago

Figure 17 MICOM Tt: 5 MGA BRI HEEFIHEX Ul
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Evaluate importance-performance priorities for Loyalty
Your R? for Loyalty = 0.51 and Satisfaction = 0.71. Run IPMA in the advanced tab to identify which latent variables drive Loyalty with high total effects but lagin
performance.

Assess out-of-sample predictive power
Your endogenous R2values are all > = 0.33, exceeding the 019 threshold. Run PLSpredict to generate case-level predictions and evaluate whether your mode!
generalizes beyond the training sample.

Check discriminant validity for Expectations and Perceived Quality
HTMT Expectations<Perceived Quality = 0.98, pointing to potential collinearity. Consider testing whether they form a higher-order construct or need structural
refinement.

Method-Selection Assistant

INFERENCE . .
N Moderation analysis @

Bootstrap Two-stage interaction effect of a moderator on a predictor - target path (Henseler & Chin 2010)

Mode!

MR PERE ECSI: Customer Satisfaction

MICOM Predictor (independent) Target (dependent)

Image Perceived Quality Satisfaction

& Nomalogical validity Interaction LV name (optional) » RUN MODERATION

ROBUSTNESS Default: Image_x_Per Quality
PLSc

£9 Pastruns
Gaussian copula Run

Image x Perceived Quality - Satisfaction - just now
Common method bias

MODEL EXTENSIONS Image * Perceived Quality — Satisfaction

o PMA Base model path coefficients O cory  Refit model with interaction term 0 copy

CS5v CSv
PLSpredict
Path Estimate Path Estimate
CVPAT

Image - Expectations 0.579 Image - Expectations 0.579

FIMIX-PLS
Expectations - Perceived

Quality

Expectations - Perceived
Value

Perceived Quality =
Perceived Value

Expectations - Perceived
0.848 0.84

Quality @
Expectations -+ Perceived

Value

Perceived Quality -

Perceived Value

Higher-order model

0105

0677

Image_x_Perceived Qualit
Image - Satisfaction 0.201 : T ) . b

- Satisfaction
Expectations -

. . -0.003
Satisfaction

Image - Satisfaction

Perceived Quality -
Satisfaction
Perceived Value -
Satisfaction

Image - Loyalty

Satisfaction - Loyalty

0122

0.589

0.275

0.495

Expectations -
Satisfaction
Perceived Quality -
Satisfaction
Perceived Value -
Satisfaction

Image - Loyalty

Satisfaction - Loyalty

Figure 18 Moderation @m#x: =4 LV THitE (Predictor / Moderator / Target)

24




Or OpenPLS FH 5 B 77 5E

Method-Selection Assistant

INFERENCE

1A\ Bootstrap ts (Dij ). Returns p_A. dis-attenuated

Multi-group analysis

ECSI: Customer Satisfaction » COMPUTE PLSC
MICOM

Moderation
€9 Pastruns
Nomological validity Run

IR PLSc - Just now
ROBUSTNESS )

ral s
& Gaussian copula

E] ‘Common method bias
MODEL EXTENSIONS

IPMA
-~ PLSpredict

CVPAT —
Reliability per construct

FIMIX-PLS
L

Higher-order model
Image
Expectations ). 847 0.527 0.427

Perceived Quality 0.578 0.952

Perceived Value 0.835 0.563 0.861

Figure 19 PLSc mfx, %X & Mode-A LV fIiEE—8#I1z1T.
HiNo 1‘&?&%5’9&’*”5@]@% FERBERA—T, TEMBEFSTHR: +xR1 BREALE" , -
FR BIEAR - ABNMRBIRERS, EEREEFMKFE « (BHA0.05) , =5 Run test.
B, NTFEMRR, "REEREITRFS. sif—XBootstrap I p 1E, UK o KETHEN TR S H
[ KET) . RBINEHFEEFRFUANIEASERRENEL.

6.6 PLSc

B, —EPLSfhit. SMSEERHEFMIFAEARN, HEiFEPLSHERRE (B19) .
Eﬁ])\o ¥, m\ﬂ__—l Run,

ERATEFETEEHEMNRE. BERAMEERMIES (RIEHEKRTEAERER
PLS %1 PLSc,

MEUTERER. ALV £2 Mode A (KME) . Mode B LV &k PLSC &%
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Method-Selection Assistant

INFERENCE

@ Gaussian copula — endogeneity test @

Bootstrap
Multi-group analysis
MICOM

Maoderation

Nomological validity

ROBUSTNESS » COMPUTE COPULA TEST

= PLSc
€0 Pastruns
Run

. ! Endo=Satisfaction - just now
n method bias

MODEL EXTENSIONS Endog

IPMA Copula coefficients per predictor

CvMp
(non- Decision
norm.)

PLSpredict v (copula
¥ Predictor v cop
term)

CVPAT i
— o A no endogeneity
mage -0.020 .22 -0.088 detected
FIMIX-PLS
copula not
Expectations )133 0.226 0.597 0 554 0.077 admissible
Higher-order model (normal) é

Perceived P e _ ) no endogeneity
. 0122 0.364 33 38
Quality detected

Perceived : N ) no endogeneity

-0.400 0.255 569 j
Value 0400 N ’ detected

Endogeneity-corrected path estimates

Path

Figure 20 Copula mix: R4 LV %#ZF2E. Bootstrap EIFER L.

6.7 Gaussian copula (R4Z&1TE)

Bi. RERTNTEESSHEERNEN (5REZTMEX) . WRE, BN Park & Gupta (2012) /
Hult et al. (2018) FFEREIE WA MKRENMEIT (B 20)

EﬁjAO

1. BELV: ERERTEETNETESIRZTHEXH LV,

2. EMBNTE: ik, BEWWKAE LY BRI ETE.
3. Bootstrap E#hkE: BkiA 500, H&FHK CliIEEE 1000-5000,
4. Seed: Tk

. TSI TRENTNETE, OpenPLS#Hh&E— copulaIMAE v« ER P EUKE—1 CvM (Cramér-
vonMises) pfE, ATFREFNTEMIEESY (ZFERMEX) . MR copuloMEE, HEREERSER

REUTERERN. FNEERFLES. WRMUWEZEN CVvMP>0.10, N copula RIERAE.,
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6.8 Common method bias (CMB, Lindell-Whitney)

H#. EI Lindell & Whitney (2001) Fric E8ZRMITERE (B 21)
BN

1. #REEE: — PR ETHEXNEES], BARAREEAEMLY B9#68455. ~fI: & tenure_years
% age ZEXMWAOZETE.
2. BEM o EIA0.05,

fEE. OpenPLS MEMSMEXMTRBER/NIMEIIMIFC-LY XM, FiREMLEBRREZTEEE. M

REUTEREN. FHRHEEECE—MEESNIEEY . BN, BERRRIEA K F BT Hor-
man BEEF.

6.9 IPMA

Bi. EEE-SMMEST. BE BLEHSNETREE, BERUARE? “ (H22)
BN

1. BfRLV: BERIRAXOMESR (Loyalty. Adoption------) o
. WFEMMEI T aTELTE, OpenPLS itH:

* Importance = XY BFrRASHN (B#E + [8i1%)
* Performance =LV HE& S FHBE, EFREZ 0-100

FAERE (Performance fyx#h, Importance AyH) « Z L =FEMT. F538UK = ZRARPISUEIIT. -
= BEEE = FEREFNRE

6.10 PLSpredict

BEY. WAABERIIMUNEX . RZHAAR; PlSpredict SIRIFERETRBZMHAES (B23) .
BN

1. k-fold: ZRIA 10, #K = MikFr#E/No
2. Repeats: BRI\ 1. #EMNE] 10+ AN AR F DI K FEHIFHFERFG ZE.
3. Seed: HTFAEIM .

R, XTEMERR, REIIH:
* Qe_predict: ZXEIEMTN R:e KF 0 BEN; HKRELF.
* RMSE_PLS vs. RMSE_LM: PLS FU vs. LB . MR KL EHIEFRA PLS RMSE E1E, N
PLS X F& M BRI ZAB NN E.
6.11 CVPAT

HEY. RXRIIEFMEE DR . BINHAIMRK K, FPLISHEBESEE (FRIrFIIsaRay) #iTk
24) .
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Method-Selection Assistant

INFERENCE @ Common method bias (Lindell-Whitney)
Bootstrap
Multi-group analy:
Employee Engagement (JD-R)

COM

[sh Mod

Nomological validity » RUN TEST

ROBUSTNESS

PLSc £V Pastruns
Run

Gaussian copula tenure ars - jugt now

Ma : tenure_years - ry = 0.00

MODEL EXTENSIONS i .
Marker-variable correlations

IPMA

v r(marker,
PLSpredict

Job Resources

Job Demands

Work Engagement
Higher-order i
Job Satisfactien 0.010

Job Performance -0.047

Pairwise LV correlations before / after adjustment O copy LaTEX

r p r

P
(unadjusted) {unadjusted) (adjusted) (adjusted) et

LV pair

Job Resources
« Job Demands

0.265 0.0

Job Resources

=« Work 3 < 0.001
Engagement

Job Resources

« Job

Satisfaction

Job Resources

« Job < 0.001 : < 0.001
Performance

Job Demands «

Work 0.001

Figure 21 CMB #R: Mt —MRZFIFHEST.

28



O» OpenPLS A F%5F

Method-Selection Assistant

INFERENCE J
|2 Importance-Performance Map (IPMA) @
l& Bootstrap Identify constructs and indicators with high importance but low performance, prime levers for
improvement
Multi-group analysis Mode Target latent variable
ECSI: Customer Satisfaction Expectations
(=] MICOM
Endogenous LV v

Q Moderation

Scale minimum (optional) Scale maximum {optional)
{2} Nomological validity > RUN IPMA

ROBUSTNESS
PLSc

€0 Past IPMA runs

&9 Gaussian copula Run

Expectations - just now
@ Common method bias

MODEL EXTENSIONS Target latent variable: Expectations

Latent-variable importance / performance
PLSpredict LV Importance (total effect) Performance (0-100)
CVPAT Image 0.579 73.36

A LEHAL Indicator-level breakdown

&

Higher-order model
e A G Y} Indicator Outer weight Normalized weig?

imag] 0.098 () [4153
imag2 0157 0.234
imag3 0157 0.233
imags 0.077 0n4
imags 0184 0.274
Expectations expel 0106 0176
expe2 0141 0.233
expe3 0119 0197
expes 0.099 0165
expeb 0.138 0.229
Perceived Quality quall 0107 0187
qual2 0135 0.236
qual3 onz 0.206
quals 0.096 0.168
qualb 0116 0.203

Perceived Value vall 0.302

Figure 22 IPMA H#: EZFEEHRLV,
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Method-Selection Assistant

INFERENCE
Bootstrap
Multi-group analy:

COM

[sh Mod

Nomological validity
RUN PLSPREDICT

ROBUSTNESS

PLSc

€0 Pastruns
Gaussian copula Run
k=10, no predictive power - just now
method bias

MODEL EXTENSIONS

0 better than LM - 22 worse - 0 tie - 22 total

< IPMA

Indicator summary

RMSE MAE
(LM) (LM)

Expectations 2 400 ; 1.808

Higher-crder i )
Expectations

Expectations
Expectations

Expectations

Perceived
Quality
Perceived
Quality
Perceived
Quality
Perceived
Quality

guall

qual2

qual3

qualé

Perceived
Quality
Perceived
Value

guals

vall

Perceived

val2
Value

Figure 23 PLSpredict @m4x: k #f. EERE. FF.
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Method-Selection Assistant

INFERENCE & CVPAT (Cross-Validated Predictive Ability Test)

l}'_\ Bootstrap

Multi-group analysis Eenchmark

IA (indicator average)

oM
ne PLS

Moderation

Nomological validity

ROBUSTNESS » RUN CVPAT

PLSc
Gaussian copula @ Past runs

Common method bias 1A, k=10 ju st now

MODEL EXTENSIONS

¥ IPMA
Overall test 0 copy LaTEX
Al Loss A (PLS - p(1-

. . Verdict
(LI ET] benchmark) sided)

20 1 < 0.001
FIMIX-PLS
Per-construct test

Higher-order model

" s Loss 4 (PLS - p(1- Va—
(benchmark) benchmark) sided)

Expectations

Loyalty

Perceived
Quality
Perceived

< 0.001
Value

Figure 24 CVPAT m#: EofiEEFes (A =18 F, LM =ZMHER) ki, EEXRE
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MNo B +KIT+ BEERE+MT. MANERZEN.

. NFEITRE LV, OpenPlS iREiRkER (PLS - E4) RHp E. ANRKER +p
<0.05=PLS TN FEAE, XB— 1B INEIL.

6.12  FIMIX-PLS

BHY. BRIEE PLS. HRMSRFERREERMESAN, KIWHAEENER (B 25) .
BN

K% (K): 2K 2.5, L& EN.
EM ERRE: n RBEVESTHIRE. @SR,
RANERRE. FE: Wauzd; RERIAE.

1.
2.
3.
B, XTFE1K, OpenPLS It RFIMERRE + SR AAVREELL B oo B KELLEAIC. BIC. CAIC
#n%5 (EN), BIC pmmsE4 EN> 0.8 AHIRBIE” EHM” Ko

=]

—BREK, SREFNSRHIREFNEFTEITIOE PLS TR . FEEBEMCGA TS 4H.

6.13 ®mi#E (HOC)

HEY. BESBHFMMERTE (Sarstedt et al. 2019) ¥ AN— LV AER— P2 (B
26) o

Eﬁ])\o

1. Name: HOC LV &#R, 5% BrandExperience.
2. —fy LV: BHEMAH (ZD21D) .
3. HOC#x: A (RRRE) =B (FERE) .

R, OpenPLSIZITMER 1 (BBPLSHE—M LV 2% , REME2 (AHOC Bial M EE#HITHAY
PLS) o ?ﬁ%

e Loadings: —f LV 3 HOC fy#Ear (Mode A) 5(iX&E (ModeB)
* R: (P& 2) : HOC TiEFEREME Z.
e Paths (BiE% 2) @ EFMITEREAHNENRI.

Lt Mode Avs. Mode B: AIS—HMIEXEHHE, FREW— LB TSNEEMBER.
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Method-Selection Assistant

NFERENCE & FIMIX-PLS segmentation ®

/A% Bootstrap Finite-mixture EM detection of unobserved latent classes (Hahn et al. 2002)
Mode! Number of classes (K) EMrestarts
Multi-group analysis

ECSI: Customer Satisfaction

(=] MICOM
robust. :
[sh Moderation ns Convergence tolerance
0.000001 42 > RUN FIMIX
{2} Nomological validity

ROBUSTNESS
€9 Pastruns

PLSc Aun

K=3- just now
Gaussian copula

. K=3
Common method bias
Log-likelihood: -1068.66

Parameters: 62

MODEL EXTENSIONS

< IPMA

Class sizes (mixing proportions p) D copy

PLSpredict ) )
Class p (proportion) n (hard-assigned)

CVPAT
0.320 91
0.286

Higher-order model
0.394

Per-class structural-model paths

Class 1
Per-class structural-model paths D copy

Path Estimate
(intercept) -+ Expectations -0.349
Image - Expectations 1.012
(intercept) - Perceived Quality 0.285
Expectations - Perceived Quality 0.945
(intercept) - Perceived Value 0193
Expectations - Perceived Value 0.385

Perceived Quality - Perceived Value 0.456

Figure 25 FIMIX EfR: E3%. EM ERLE. B,
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Method-Selection Assistant

INFERENCE

@ Higher-order construct (HOC) @

Bootstrap

Multi-group analy:
BrandExperience
COM
£y Mod n d o
erience  Affective Experience Mode A (reflective)
Nomological validity
’ Behavioral Experie

ROBUSTNESS

PLSc
» COMPUTE HOC

Gaussian copula

&

method bias €0 Pastruns

Run
MODEL EXTENSIONS : )
BrandExperience - Mode A - just now

IPMA

PLSpredict

First-order loadings on the HOC cory R?(stage 2)

Lv

First-order LV Loading
Brand Loyalty

Sensory Experience
Brand Personality

Affective Experience
Brand Satisfaction

Intellectual Experience
BrandExperience 0.000

Behavioral Experience

Path coefficients (stage 2)
Path

BrandExperience - Brand Personality

Figure 26 HOC m#x: & HOC &, HEE 2 MALHN—M LV, %E Mode A T B,
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7/ FH

OpenPLS TSN EREMAIUUANMBE R —BHA TR, SHIZHAMT Results FrEE ok KPI
RTHRL7, WEM Editor TR TR SE THRAET .

7.1 PDF#f&

W&. —HEFTENH PDF, G5

s THERA + FIEETBIENHE

« BRRE (R¥EZAT Editor (W EIEZR)

* Results #rEMTMITBERT, NITENREIT 78K

* OpenPLS T3AMNSE B (BMERERSI FEX EMIL)

FERAR. FieRkis. SERRIMEERZ. B3ELT AR+,
X%, {model_name}_report.pdf, L FEEBRTHRAFAT,

7.2 Excel T{E# (XLSX)

RE. —PILEE, 8MEREK—DIER. TERBHRUHTRER:

* Overview: IBE{TTEIE (IFEAE. GoF. SRMR. LV/EEEHD)
* Inner Summary: &1 LV ) R % JE Rew AVE. HETM

e Model Fit: SRMR + d_ULS ({NfEEitER)

* Path Coefficients: BFAMEREEMNMLITE

* Inner Model: # 7 Bootstrap SE. t. p. Cl (#&EFH)

* Quter Model: & fEtrIE T (Mode A) Z(fXE (Mode B)
* Effect Sizes fz: B PFUNBRM BRI K/

* Predictive Relevance Q:: § LV X XEUETTR

* VIF, Outer I VIF, Inner: HZ4

* HTMT: FHR—RRM4HERERE

* Reliability: Cronbach . HAEE. &

* Model, LVs #1Model, Paths: #HEMEA G

FHIER, NEFEN KM IBITR M

* Nomological Validity: 8MRIEMFS + HE
* CMB (Lindell-Whitney): Z4FRICKIERIFER M
* CVPAT: R XISIEFRNAGE N1

EFRAE. EBAEXRERET, IERFERL CHHRNEEFTE L IRE.
X144, {model_name} results.xlsxo
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7.3 Report JSON &1

H&E. —1BEEEM JSON, g5

s TEMNERNE (LV. 5fF. BERE. LB, WEERK)
s BURKRM (Fl&. RE. BREITED

* BNERENRBEAT

o WHTHE (WEE. K. OpenPLS it t)

FERAR. ERLCHHTMEL. EASA1Z JSONFAEBRUERIZTT OpenPLS f1ER T ERETETTRIX
X4 %. {model_name}.report.json.

7.4 REY (Editor TEH)

Editor TAEZ EHE—1THER, A MEIRMUERSHAHZR:

* JSON (.openpls.json): GEMEEER:HE OpenPLS R, AIFR: RAUKESATS—1
OpenPLS TH+, AARRMEHEEESFHIZEL,
 SmartPLS (.sptsm): 5 SmartPLS 3§14 &AM XML . iLRIBER A6 Bz T AR ES.

XEAZRRE, FEZER. 15 Report JSON GRALELER.

7.5 LaTeX FE

Results FRETI I NMERKEL LAFE— NN Copy LaTeX Bfr. REE, BEEMEEIRIE M
Ctex B R AR LaTeX f# F booktabs (\toprule. \midrule. \bottomrule) , 5JMS. MIS
Quarterly %5 BRI g & 5 3= 4% KA ABITER

LaTeX FBREREIAE IR T ER 2R BRE 2R OpenPLS
RRAS, DUEIEH. WRIRFBEBENEMSNG, RSN IEERE,

7.6 TFEIME

TSR, BEMTERNMTANEE:

1. Report JSON (ZRFER + BHRRERM) -
2. FIRBIRE (FEAxzcf, WFRT R WFRIIE) -
3. —NXERIBLAA, I8 openpls.app 1ERfEIT TR,

EIREEAUERKBIR A LR ER T EFNE T2 HENTHE.

SHEAFESHRE Results RERTEIINHFHERE. EELKRM PLS-SEM #iEE LS
SmartPLS fUXSEE IEFE T ; SRR E openpls.app/validation.
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8 1HE

OpenPLS BB M A HEZNTHEX . BIFEESE. MRAPEXFRATERFERD—EE. SNMREHSE
T B SMEMRXP DB MAEFRZZR Manage T =FHE: Team. Activity. Settings.

8.1 Team mE#x

¥TH Manage - Team # A B 27 Fi~BIE R -
=DEoORHEF

1. Team: SMYEIREA, HTEER. BHE. LENARKE. IEREE (RIEF) <%WFRc. §74aM0

2. Invite person: ERFEHAIE + A& THRAE + Invite i2Hl. @3 Resend XX % ZRIBIBMBH. W AT IE
/invitations/{id} FIBEIEET .

3. Pendinginvitations: M ARRBIE—KK A, BEEBIEAELFE. BYEEF Revoke #1E.

82 A&

=FEe:

« Owner: @J@#®&, AIME—Y), SEMERIE.
o Editor: AIREHIES. RE, BTHE, BTHNTE, RERE. TEMRIEIBFTHR (R
* Viewer: Qix. AJUEEMAERNSEH, EFEEREARRT.

AR AR B REES ST

8.3 RIXBIF

1. £ Email address 7B -3 AR5 E FIHRFE
2. EEM{IBNAE: Editor, can edit 8¢ Viewer, read only.,
3. =i Invite,

OpenPLS A BIEET QIE—PEIERE, HFEWBIBEELXETHAEREIHENSMAF. WRZMHES BT
OpenPLS AR, NBIExERZREIAEMIIESH /invitations BEEHT.

SHBEEE. SKELEBERAF LHAE - “‘Copylnk” EfF, KX URLIKEISIMER, =W ARy
BiiE. ERFLEFR R LR Revoke. BIBT AL, BESZHETHEW.

iE AR HHE OpenPLS K FRHEIEE AT AB S X REE— KA (MESTE)  BIEAMIRELVE,

8.4 EHEKE
%) Activity FIE (B 28) BERITERE.
FimASPEHFIER—1PFE. SAAENEN:
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Projects
Allprojects | as a fi
New project

8 DATASET 1* MODEL [ RESULTS 32 ADVANCED B REPORT

ECSI: Customer Sati...

o + &8 @

B ACTIVITY & SETTINGS

n

Examples

o OpenPLSE2E Bot

[ Invite person

Editor, can edit

Account

Help

Figure 27 Team FiE: TREPEMRASIFR, THERIFRE, KHSTFLENEE.

All projects

New project
[Pt 6 DATASET ¥* MODEL [ RESULTS 2> ADVANCED B REPORT

O + @ @

ECSI: Customer Sati..
& TEAM 8 SETTINGS

=

Examples

Activity & comments

OpenPLS E2E Bot Sample project cloned (ecsi-customer-satisfaction)

Account

Help

Figure 28 Activity 7l El: ZK EIRFF 2~ 1M MEEMG, HHEERMRES.
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* FIP\NEMH: BABHEE. BISWES. BIEWHENE. BBmMELN. HAAEEE. RABEF. HHINE
 WETE: —RXEBWIITETMK.
o HMAiEIEIT: MICOM. Moderation. PLSc. Copula. IPMA. PLSpredict. FIMIX. HOC. Nomol

(i) KIEx: Bootstrapiz{T. MGAIETT. BNERRE. HIBS L EMEIREEN#T. Bootstrap
FMGA 72 Cloud Run iz %5 Liz1T, BEESARETYVEMAEMES DS, BEEERE S
“Pastruns” FHHRIERE.

iFit. EEREEE—MFRESRE. WLEAMERBEFSE, HRNEINFSHERT, FeULiElE

8.5 BHIHE
Editor 1 Viewer ZEFBAFIZR - B2 T L& F Leave #%Hl. RiFERIATM TIEX MR ZIB HBEMFE . Fri

FrEfEBEARE U FRTF. EYFIMRA+T, IEERZSET 7 New  project”
MA, HERBNAESBERA—EZREE. MENEBERLZE L, Eiltzs, NRRFEBRZTE, &

8.6 tHMEZEREFETA
Editor HESFAZMEN U, ARRERKRKEE. Viewer AIEF]:

* FRBEIET: Dataset. Model. Results. Advanced. Manage

. FERERE
« SHiZH: Viewer AJPL T # PDF. XLSX. JSON

o K& L Copy-LaTeX BFr
Viewer gt :

- RIEEH RIS
o PHES LN T %
- BIEAMARERAE
s ERIRE
IR Viewer ik A GHIRIE, OpenPlS 2B FR— N FRBH’ MRBIES" 127, MARRREY.

9 ®ES5IES

Manage TRy Settings FIE A EINE F T HEMEKR K. =T RES TIRELEEFTSIEN
Ul XIRE, HFREFICERMARERE CHF+, IEEZSMEE LRER.

9.1 mBIKE

¥17F Manage -, Settings # A& 29 Fr7rBIE R -

FAERSD
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Projects
y and value driy

All projects

New project
[Pt 6 DATASET ¥* MODEL [ RESULTS == ADVANCED B REPORT

o + @ @

ECSI: Customer Sati...
& TEAM B ACTIVITY

=

Examples

( Project details

tomer Satisfaction

c ECSI model (European Customer Satisfaction Index): image, expectations, perceived quality and value drive
on and loyalty. Ideal as a first PLS-SEM entry point.

O DELETE PROJECT

Figure 29 Settings 7B : TRHE B + WiARKE, KHEEREX.

1. Projectdetails: S5#HEIMBEMIEERBN ZR +EWAFTE, AN HIE. miSave FX k. IR RE
2. Dangerzone: Deleteproject#%{l. RFESFIHA— M HHIE ZFRUEB R BIANINIEE. HRSY

HEmMEEREET KX K. Editor f1 Viewer HEEEFITNB IF 1B -

BRI E W =< MBREIF D EFENE T WRIFBERBRAIRE FITIRENFY, 15ESH
Activity 1B (A& Activity TR THERR) -

9.2 S
OpenPLS 2t/ \Fh Ul KIFHE S :

* English (EXIA)

* Deutsch

* Espanol

* Francais

e Portugués (Brasil)
* Simplified Chinese
* [taliano

* Japanese

RETA=TERFTHES 328 (B 30) .
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[El EXAMPLES + NEW PROJECT

yet

3 scientific example in one click.

BROWSE EXAMPLES

Figure 30 RETN=MIES THKE. JRIKBIRESRERR.
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Or OpenPLS ARfsE NS FE I

EE—FIXIEE. OpenPLS£HKEUHER (B/\, #430-60KB) HEFNEH. RINEFREIFLIBIRINEF
R L & 5 B I%

o TA UIFRE. . SHEE. 1B

* Help i@ (/help)

* Report PDF #ra F1EZ T FRrell
s AFEIE. BEESE. RIFAMEER

WRLE RS ENIE

- HEIERSIE SHERRERNEIE ETATERONTRE, KL  XREENZ, WER
« RBITIE 2 AREARE . | RIS LIRS

ERFRAR (GBI BREER. ®il) BRIfURMRS:, BEVAANRE HRIFIREARMIES. TEN

9.3 MPIRE
RESHPNABRALT /account (BT HISERE)  ATHRE:

* BREHR: BRERBAERFER ST,

* kf&: RirEfE; PNG 3 JPEG, &R SMB, BBIMETR.

* HIEREIRE: STEYHRSARAER, BEEFI K.

© ERY: EUEN. WA TRIEL, RXHER;, NHEZHIABE.

o HMEREF: — BEUHHERRER NFX. EFUEMGE (BE. BEEER. ®ib) TRNIREY

BEEA AR AGIREIRY (EEBMRBFIES REFTD) -

9.4 E@

TR EEDE (KFE/ BRER) Bt EiefReEX 2 Et. ReEX2RIAME. THILE
localStorage ', AASEIRERL-

10 #3Bh 53 HRl s

10.1 M AR

OpenPLS 7t /help IRt TR AR B0, ATMENINE UL 23 M cloud. openpls.app/help
hig. B 31 BR TR TI@E.

RERSY

+ How-to: EMESMALHE, SIEHEEHNE, BEMN. LEFNHEEPOF WL TEN" ;
* Metrics: OpenPLS IR MG —MaIR, BAAT. BERENREXTHL . NRETFHERTALR
Re 5 R TR0, AKX BT
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Howtouse it
Metrics

Mo

CONTACT SUPPORT

Interpret and iterate
Read the KPI ¢

Figure 31 Help #f¥: #HARMEER. f8fr. TRERRE. #EMMEREHALD.

« Choose: EILEIBAARER: “WAESMANZRRE vs. FERE? 7 « ‘BRI 75 AE B TR RI
NZBEKR? 7 .

* Advanced: SN TE—NE, ARS54158%E 6EME, WIS TTERNREIMBERE. MR
Advanced EitR_ERY/N 7 EIFREI A kAL BIDLAC A FE BT A S AR

o Pitfalls: FMNEXF IR T REEZMERER: HEESREZWN. HRAONEEL. LERAALE

WENUEE ERAB/\Fh UIES Ak,

10.2 OpenPLS 5|2 (FiF)

X #F OpenPLS MfEIT R EZZE—1> & openpls-engine K75 Python &, L GPL-3.0¥F A1 47, MiltZ
https://github.com/jojacobsen/openpls—engine. REZITERAR B AT AAMIZT

pip install openpls—engine

ZBes:

* %0 PLS-SEM fit88 (ESRIEMIESBIES SmartPLS 4 fy%H LA R 4 1/N8))
o 6 EMARMEMHM T E

o AFHEI#AEIZITH CL + Python API

s AFHHEIARNBEER Docker &

MRFEEIEEEAN OpenPLSUl, S|EZITEAEHF; Hx DockerCompose HmHAMHFPRE, 1BSHEEL
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O» OpenPLS A F#5m Al Companion

10.3 Z#§. Bug fAThgEISS

SNF=umN A (cloud.openpls.app) HEHEMEE, 1IEEEE hello@openpls.app. 1B EIRATE
ID (F£ URL s AJ L) , R EHRE Bug, 15 EXEREIERER SLPrERIEH.

5| #4FE K Bug FITHAETE KB ATAFE https://github.com/jojacobsen/openpls—engine/issues
£ GitHub issue 1232, SE MR IRE X AT LUE T #E4-.

10.4 5|H OpenPLS

215R OpenPLS AERMIESC = T 4R, 551A:

Jacob, J. (2026). OpenPLS Engine: An Open-Source Implementation of Partial Least
Squares Structural Equation Modeling Validated Against SmartPLS 4 Across 14 Reference
Cases. SSRN Working Paper. https://papers.ssrn.com/sol3/papers.cfm?abstract_id=
6869001

S| AEEGITSIZEMzmNE A, BACNEZR— 1 &SRR,
11 AlCompanion

OpenPLS W& T AlCompanion: —1NBARBIF, BEBURRNIBERE, s|HEITRENFEZLC, HE
PLS-SEM b B S HIZH T ETT R 21 BT —H1B1TH 4. BEIL 7 fE. FHERBASREBEESE.

Companion ZEIAX AR . EREIREFRRZA, TAMAIWIEA; RIOEATUBENE Ac-
countiRBTEMHE. AERFBEBICNNRFTAESTHE.

SOABNMHEFRENRE: (1) RIETEFRNET BEEPR. EREIE. BFNtEER) |, BTl
—ME ORI FBEREPLS-SEM i > FE, ETHRZRETIEXANERRLERNEE. BFHRNTE

BRAPEREESEIN 1P —FTXHNEEMNEE. BAa% T Companion £EEH4 (RNIBEHE) « 26
100 B2 AR EBR, BFIESRIREH)

MRIRZBIXHE T IZXNIEE, BT Account , AlCompanion FEFE k. B—EEHH
Alhints 17503 (WT22) : Companion FF B1E hints AR, KA RIEHRE — IR BEEITeR

[ Al research com

Figure 32 Al Companion BEEXMNIEE. @ENEER, AERE  Enable Al Compan-
ion. BRI NREFXA; RFEFTLE Account iRBHERHE.
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Al hints

Run IPMA for Loyalty

5. Run IPMAin the ac

Evalu Endogenous LV

testing a higher uct or merging indicator

Method-Selection Assistant

INFERENCE

a8 Multi-group analysis

Figure 33 Advanced REREW Al hints %t TISkHEH Beto
FRgs ERIRR. FlF. IBURFXTM. GFNANPBEEEREER: TARTER, BEEEFRRES,

11.2 Alhints: BRI ILAIET

SN EEET —THRSTUREE S B— NIV Alhints &7 IRIBRFELLTIE P HETRIER, B —FI1=
Dataset #r% 1 £, ERRESFRIE—1 A 22% EJ%%EE!’J’E'J 1£ Results £, ErJgESEREERK
Loyalty Rz 35 0.42 #3517 IPMA; £ Advanced |, ELisERESFIASRENE NS .

Hints 8 MRrERE N IERB K, REEF. RORFTAGRFIERIRE, GIANSATHREEREE TR

B K hints. FIFSA A FABLLFHTERAERD .. FHEANUNYRSBESHP aiHintsEnabled
Fri&: hints {2IE3REX, {E Companion WERERS (IR RITE. WME) ERITANBEELIE. XM
- FHEFEA DA RRA G .

11.3 Chat: ZzimE

—MNIBARAKALFETA. REEFTFAIXRHAE,
FRSRE=ATHERR:

. Explain myresultsin plainlanguage. SEBEHAITEH L, SEENREARFRESHN—BRIERE.
2. Which advanced method should Irun next? v Fi 5 Method-Selection Assistant (I Tx2) FBE I

3. Are my constructs valid? i&[F{EE + HTMT + AVE £3H3% Z2FFFRI2E AR ETHER -

REWMAFRBCHEE. < TIHANTMAEE — BRI SUEERE. TR BERE. BRARSE
— #ESEERN. Companion BN RETA:

» getProject: ZFR. Hid. KA
* getModel: LV RHEIEK . f5Fr. HEERE
e getDataset: 175#. GFAITER (BRXKXIER. min/max/mean) , KIZFEBEELFRITHE
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. . & Al companion @&
Projects : Customer Satisfaction P
< :

nod ropean Customer Satisfaction Index): image
All projects

New project

ECSI: Customer Sati...

(=]
B
+
]
n

Examples

Figure 34 FTH7#& Results Rz EH Al Companion ffifE. TIkERFEF  beta
PR, HERXFERENRINRRRE=IAG 083, KBRS AN EEs.
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O

v

OpenPLS A e Al Companion

OpenPLS

R ECSI: Customer Satisfaction
€ ClassicECS European Customer Satisfaction Index): imag
All projects ; I I ‘

New project
projee ¥ MODEL

ECSI: Customer Sati..
oject

o0 + @8 0

ECSI: Customer Sati...

n

Examples

INNER MODEL OUTER MODEL

v

Expectations

Image

Loyalty

Perceived Quality

Perceived Value

Satisfaction

Figure 35 #% used-tools fTHEIRES, TRFELTH. Companion EEZRTIEET getRe-
sults DAFREUSEFRAY Rew g 1 P {Eo
» getResults: G4 LV R Hp EMKRZRZRE. HIMT4ERE. SE. Fornell-Larcker #|E. SRMR. GoF
BPMEZETHR used-tools TTHIRIRIARTWMLETR. REHMATEHAIE

B, Y¥EZETHERTHEL T HEF TER, Companion42E5—NEHEEMNAEXR (Fm
[henseler-2015-htmt]) . BIURREESER AN RERKRENNS, BREEREN (B0 Henseler+
2015) . BESBREEND; AGTSEFFER I DOl i RE M-

XEREE FIE EE— MELRIAZ 100 BABERE PLS-SEMSE K S (W TR E) .

FE+EXAL. PREESEZAPREEREBEE . BEFMNETE, FTHFHE, ROIENAERR. 5:
Clear conversation BiFrLEE= T,

f#l. BetoHiaEAAER 100 XHIREE. #ERKMBHNITHRESFRTE. ERRITANREEEDGH

1.4 WFAR R ITRE
WMRIFHREERFE —2HMB, R H LV —$T7F Editor F midr Design with Al. 3HEESZRIESIRIE
BRI —MEMLRIEIL:

* 36N ETE, HAEX (A=RIRE, B=ERAE) . XNENILIELLRENLV 3-S5 PMERRR ik iy
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OpenPLS

& Alcompanion (&8

ECSI: Customer Satisfaction

Allprojects E: v Y What is my R? for the Loyalty construct and is it
Subs
R NCED [ REP
No compute results are currentb lable because
CSl: Customer Sa the model calculation is still running. Once the
tation e run your query nto
ECSI: Customer Sati

CSl: Gustomer Sati

DoQD + @ 0

ould | address
Examples r t /er? Sugge:

=

red relatior
ral or stati
nyour project, consider the following
tly in OpenPLS or your broader workflow:
Procedural remedies: Detail the design ste
ction to separate
ssuring
edictor a
mporally or psychologically, and
improving scale clarity
Statistical assessment: Run a full collinearity test

bias 1 r any latel

collinearity ck can indicate potential distortion.

Structural model (paths)

N N N N i N P 2

Account
+ ADD PATH

Help

Figure 36 HIREIZE HHNECERMNRESIH. SMREMEEDRKIL K DOl IE.
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P

£ Almodel designer @&

arter model with latent variables, hypothesi

ve in mind

CANCEL

Figure 37 AIRELZITERINIEE. WMAMREE (WEH) , JIHERFNEE (FiE) , BFFH. ]E
Submit EH L EIL

— AT EMNEEHETR) o

o 5-12 REMIRE, SFFEPURIRMNEN IR,

* 23/ EEKRE, REAFHEREMMNE &3 PLS-SEM @k,

c IR BEZERIEREIHERIE.
ERRTAPPlY 28I, ZEWASHBEARNIE. MKE, MEFTEIHFEIRNESR (Refine
SEFAER) , HEBEFHEHFE.

NARE, BRSEA—NEBENATHEE ARSI Editor 7, RETUER ALV FMER. EFOERIEIR. &

11.5 iZitioE

—BFRETER (LVEoERFER) , OpenPlS#HAIIERTEBHNEEE: §NLV46MNMATEE, G5
BR. RORIEFRE, UEYLVIRSNE RO SHESNNERITERNSIA (GE. HEE. BHE. TAV
RIRAABMSE)

FIF Model #x:% 1, REFfIFForm & . REMLY D& H, (REFEF— Designitems

with Al 25l =R EFTH B ERITEEXTIEIE.

ZRESNMLVHEBER: £BID. #Hi. REFELERE. RESIH. XNE—B, fuEERE, WRanEs
— X BSEREFRERSD LV L.

MXE, REMPMEERESENIET: BWE—POELZIEEEAFURL HEES (WT—F, Public
surveys) , EBZFBEBETEIINTIEELEFERMEER CSVEA,
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£ Almodel designer @&

Online Grocery Loyalty Model

%* Latent variables (5)

ServiceQuality

r'e raliahilitv

€ CHANGE INPUTS

Figure 38 ZiFhR. 81 LV BREH. EHFRFAMCIE; BEIER -
SFREEAFTRA S ARRINE .

N
/

1 MODEL [ RESULTS

E DATA UPLOAD

ECSI: Customer Satisfaction

Building items for:

v Age ~ Gender

Al Companion

in online g

Satisfaction

Rafl

DISCARD

BHrA R &%, Apply

ADVANCED [ REPORT &% MANAGE

# START MANUALLY

#- GENERATE ITEMS

Figure 39 Al [E&IRITEIIEE. EFEMEER (5 K5t 7 K Llkert) « KES, FH=idr Sub-

mit. XEERRE
existing.

AR LV % E; EE2BFENLY 2Bk, BRIEWIE Overwrite
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1 MODEL [E RESULTS 32 ADVANCED [ REPORT # MANAGE

B DATA UPLOAD

ECSI: Customer Satisfaction * EXPORT C REGENERATE

°< Share as public survey notpubished

Pul

< PUBLISH

& 5-point Likert

Public intro
tl

& Internal notes

Ensure ethical review B ap /i r pilot testwi
minimum of 30 respondents to check indicator reliability and multicollinearity before final data collection. Da
an be exported and analyzed seamlessly using OpenPLS.

Demographic questions

d

s organization to be stable and trustworthy.
This org: tion stands for quality and customer f
The orga on contribut tively to the community.

Overall, this organization has a poor public image.

Expectations

er (1

Figure 40 4£pMEERHK. 840 LV $hIEEE LB + REREIFE + 51 H. TaitiksE, REaid
Apply 5N REJIER,

51



O» OpenPLS A F#5m Al Companion

Run IPMA for Loyaltl,-'

Figure 41 Method-Selection Assistant BFF. thgiric (High / Suggested /
Optional) « G JE—ANENEH. KEHRANE—N “Open in
=5, Fﬁ:f_—rﬂﬂ, IJSW“E’J Advanced FHRZ .

11.6 Method-Selection Assistant

—BRETHELR, Advanced ixZE RN« B —1 Method-Selection Assistant mir. SR F-

ZFLEFRR S—HAE. BIREETHMOARE. /\WELVE’\] Rev HIMTiEM . FEHIE
— FRME -’PHF%F%E’\H kHER, FIHKREEN T —DHN T8

* Bootstrap (High) , HRBUEEREERLEEREXER .

* MGA+MICOM (High) , S#iEEEFE 19K, §2-5 M ERESEFE I EEBH.

e IPMA (High) , HBE#RLVHIR: 2033 — B E BN H ZHATBETEAZ~E T THITIEI
* PLSpredict (Suggested) , Z0BF— 1 HNE LVE R:=>0.19 H n = 100 i»

e FIMIX-PLS (Suggested) , n =200 l{EHNBHEMEKRE.

¢ HOC (Suggested) , ZH@LVHHTMT#3R 1 B S — 4R .

e PLSc (Optional) , ¥4 2 $'I‘E$ﬁ§

» Copula/CMB/Nomological/ CVPAT (Optional) , fEAFRERTREE BT A RSN H -

BPMENESEERETREFHEFENER (FTn “TargetLV Loyalty has R: =0.42 — IPMA identi-

AR =|

7N
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Satisfaction Index) 2ctations, p ity and value ¢ faction and

E DATASET 1 MODEL [ RESULTS = ADVANCED £ MANAGE

Report drafting & reviewer defense

thing here to your project

[l RESULTS B DISCUSSION & REVIEWER DEFENSE

Draft the Methods section from your model + dataset.

Numbers come from your actual data. Citat tas [CITE: role

¥ GENERATE SECTION

Figure 42 Report #=5 71 . WONFi%5H — Methods. Results. Discussion. Reviewer defense —
UE—NKRFR, BTFIAHENAIRESRS.

fies which antecedents matter most for practicalaction” ) . Openin--- &5l (FRxBAEFEZR) <8
Advanced F#r% T, WMERELEFIZTT.

ZHRESEFRBN; BRIFRITHAE, BN LABAREBIT. R Regenerate suggestions A & HisBURAYT

1.7 HREEE

—PMNETRIFRE T1— Report— i F Advanced f1Manage zjal. &I 4 M IR B9 SERREUE 1R AL

11.7.1  Methods / Results / Discussion

®FE—PETH AT Generate section. {R&EZ:
o Zfifs Markdown, AIEHFEfR/EiER “&E. FH Unicode RitfFS (Rev po xeu f2) —
Markdown &+ 3%5%F LaTeX,
o AfufyLaTeX, ATAFIL R, £ $R 2% \beta. \cite{role} FiE& HATFIERAVIRHI.
s XAMNMEIRE: ATs5|IANESIMAESAR—T, 8T8 DOl i REHE-
e Notes: EEINAAREENIZAEN—ZIRWATEEN (FlEn “your SRMR of 0.11 is
above the 0.08 threshold - consider commenting on fit” )
FE28E E Hair/Ringle/Sarstedt g1E 451 :

* MethodsfiR&EH A MEBEE. HITERE. FE + WEE. BEYESTER, FMEHNERF.
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ECSI: Customer Satisfaction

or tion Ir

B DATASET 1 MoDEL [ RESULTS = ADVANCED

Report drafting & reviewer defense

[l RESULTS B DISCUSSION & REVIEWER DEFENSE

Methods}
the European Customer Satis

. The structural model

mode A: Image (5

ed Quality (5
indicators) d Value (4 i i indicators),
and Loyal (4 indicaters). ALL i C re standardised prior to
estimation, and the centreid weighting s applied \cite{hair-
201 5 L performed usin

Measurement model
Cronbach's alpha,

lidity was
ratio of c lations, ap
ite{henseler-2015-htmt}.

shold of $= @. for approximate fit
2016-srmr}. Furthermore, additional procedures such as full collinearity

ere utilized to check for common method bi cite{kock-2015-

Figure 43 4 fRiHY Methods =21, AN Markdown
EiR, GMEsIAE. “ATME— 1 HFEEHEIINE .
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* Results IREMEEAFRE (av pCw AVE) « XOWE (HTMT, UREMEFEMEASSE) « BB EMERE
LV # Rz PAK Chin 1998 O3k H#51AFF, i£H SRMR,
» Discussion SLR iR E HEER, LBEEERR, NEERSRWBERLY EHEALFRE X, 54 BR

IRk THE S ERRAEFE—ER. AET LT Regenerate iZHl B — L E2SS EHTIHE
Bootstrap siE & AR FRHE H.

11.7.2 Reviewer defense

FEINFiZE — Reviewer defense — ZREFRMXITIIER . R Generate reviewer de-
fense.,

REBREITERATRREMEECIMTEENERL, §8— 83
* Concern: RRRIETHFTEFREN—EIFHAIE.
* Reviewerpersona: X&EmEE ( “CB-SEMtraditionalist” « “Statistical purist” «  “Senior
methods editor” ) , IL{REIEHAE - AFERIMESS.
» Severity: Critical. Moderate g Nitpick,
* Defense: SLFrRIREIER, 5|ARNEFHERETESILE.
e Evidence: T#EAHPRIRARIREIE.
* Mitigation: 0-2 AXFERZZAENEBITHARE (WH) .
* Suggested citations: ATREMKRE, HEEAPERBIIL .

T RTRE X E AR IIE TEEREENAR=11Ts) —BERZ “lead with X, con-
cede Y as a limitation, commit to Z in a follow-up”

BHPER— RN, T2EH. EENEBASTERETETINER —
SRGECERNEE R IRERBTNTTELERE. DARE. B BERS, MARRIE.

11.8 i3 FE
B4 A A FREERMAAE AR I EE T IRE — K2 100 A BEREUAN PLS-SEM 1827, SRE T EF . #iEE
R) « BNFEREFA. fFETIR. FM. DOIIRLRENH LNFE. RELY—RAHRBABCS KR

WYEFEESTFNIEHEMNEEEE T, BYEXEERZTN: SIRE—PEEN, BFA—IZESHK.
LLM. REERFERGEHESHAEXMETSIA (120 [henseler-2015-htmt]) , BTk E & A KREFR

WR—ADREERIAKRE/RBE (FARE) , WERRFSIATETERENAE —BZARBEANRIEL

11.9  EERSERFA

B%i. BetaBARA SRS A 100, f3EHTHEREMREES (FX. EEKITtes. RERZESS) M
hints (4 8 100 )k hint 3£8Y) . E&ARLEE,

faFh. Companion BB E&MACE (T FFKITHEE. R BREL) . MTIZEELFHRIIEEST. AT
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ECSI: Customer Satisfaction
6 Classic ECSI| model -;EL‘ropc-an Customer Satisfaction |‘1dC-X_:'Z Image c—xpoctanons. pc—r:mu‘ed DL.‘&III';-‘ and value drive satisfaction and O:.-'alt‘,".
deal as a first PLS-SEM c-r'tr-,- pCli']l.

B DATASET 1® MODEL [t] RESULTS o= ADVANCED % MANAGE

Report drafting & reviewer defense

Generate publishable text passages for your paper and anticipate reviewer objections. Nothing here is written to your project — copy the output you want

8 METHODS [L] RESULTS ) DISCUSSION

C REGENERATE

Measurement purist

D The HTMT values between Expectations and Perceived Quality (0.98), Perceived Value and Satisfaction (0.93), and Perceived Quality and
Perceived Value (0.88) severely violate the standard 0.85 threshold, indicating severe discriminant validity problems.

Defense: While these HTMT values exceed the 0.85 thresheld, discriminant validity concerns can sometimes arise in closely related consumer-
behavior constructs like quality and expectations. To address this prior to resubmission, you should run a discriminant validity remediation or higher-
order structural analysis in OpenPLS.

Evidence: HTMT is 0.98 for Expectations and Perceived Quality, 0.93 for Perceived Value and Satisfaction, and 0.88 for Perceived Quality and Perceived Value. é

Mitigation: Examine item cross-loadings in OpenPLS, consider dropping problem items, or re-specify the model with higher-order constructs.

Statistical reviewer

[0 No bootstrap analysis has been run yet, meaning there are no p-values or confidence intervals to validate the statistical significance of the 10
structural paths.

Defense: This is simply an artifact of the initial model run snapshot; bootstrapping must be executed to confirm the significance of the 7 significant
paths.

Evidence: Bootstrap is currently set to false in the project snapshot.

Mitigation: Run bootstrapping with 5.000 resamples in OpenPLS to generate bias-corrected confidence intervals

Methods editor
D Common methed bias has not been assessed, yet cross-sectional survey data with 250 respondents is highly susceptible to CMB.
Defense: CMB must be explicitly evaluated before final publication to ensure the structural paths are not artifactual Kock 2015
Evidence: CMB is listed as false in the advanced runs performed.
Mitigation: Perform a full collinearity assess n OpenPLS to check if inner VIF values remain below 3.3 K

ted citations

oderate  CB-SEM traditionalist
[ The project reports the Goodness-of-Fit (GoF) index of 0.610, which is known to be methodologically flawed for PLS-SEM validation

Defense: Although GoF is reported in the snapshot, modern PLS-SEM guidelines discourage its use for model validation, favering SRMR instead
Henseler+ 2013.

Evidence: GoF is 0.610 while SRMR is 0.077
Mitigation: Drop GoF from the manuscript reporting and rely solely on SRMR and exact model fit diagnostics H

Suggested citations

cderate  Senior econometrician

D Endogeneity and predictive relevance have not been tested, leaving open the possibility of omitted variable bias and unproven out-of-sample
predictive power.

Defense: The current model establishes foundational explanatory power with an R? up to 0.720, which can be complemented by out-of-sample and
endogeneity checks.

Evidence: Copula and PLSpredict are both marked as false in advanced runs.

erformance and check for endogeneity.

Figure 44 —i3k reviewer-defense FfF. TEREEFRIE (Critical  /  Moderate /  Nit-
pick) « BHRAME. BIt. BHP. L, EMIEHEEIAN S| ARE.
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Account _, Al Companion _ §J# %S EBA K A2 ANE A RE: HEBHE, hints RHHS, Bits
FRERETUIRERE, BRERBATHEIRE, HEF “notendbled” 5%,

BRHHOTHESRE (HABTLHMG) ; MEEHEAN, ROTIRGEKRSEESFN LT,

12 RFAE

OpenPLS A LU R EEIEEEAFURL £, WEEROE, FFeEEHERRNIMBEEREESE. XT
PLS-SEM T1ERTE, MABEFE=HIFEIL L.

HRURFE

ME Model ¥ HHEZBEE (FIME, EY Al @HEEITE — LE—F) .

EZ#/mEEEIAF /9/{slug} URL.

HEZ URLAZIHE. FOETLFEh 3 AWES.

ENERNEE, —BIEAEIESE.

HEEAERNFTESRESE L.

AN e )
A%,

it o x> wN -~

ZS

12.1 #ZER[E

FIFFTE # Model #7355 71, SREFT7F Form FE. MRRMLY EEBEIR, BERSUSRESHE; FH
Al B 551188 (WE 12F) HFRMEE. §NFEXNREARKME CSV HI—75.

BHREFR:

* Wording: Zi5EBZINAF. RAHBHIZETEA RIFC.
* ltemID: BEp4ER (520 TRUST1. SAT2) , BESHEEIEETHTIZ.
* Reversecoded: MRZFEMHMRY: (ZIHEFTELESE) , AV X. RARBESANES
° LVHiE: KRB LY IR, Rz EHERNFEUAEHRDE.

2RFE (A% :
* Responsescale: 5357 R Likerte EHAFA Lkert XBKH; ARAXMAOZFERFECHEER,
* Audiencelanguage: MZIHERREIIES (English. German. Spanish. French. ltalian. Japar
e Demographics: MAATMAEAIZFE (FiR. Mal. BR. HE. B85 Bl FEEEIMHZ . &
e Publicintro: RIFEEE—NOMEFERENEE. STEHIABEEILTF (ABEFRKEFASEIAELT

122 %%

mE A Publish F3 TIiIAE E. mis Publish: OpenPLS A — M BEALslug, EiEENATFIREBEEA
responses &4, FiREIZA{R URL:

https://cloud.openpls.app/q/f3a8k29b
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¥* MODEL [ RESULTS 2 ADVANCED [ REPORT @ MANAGE

© DATA UPLOAD

ECSI: Customer Satisfaction

u can then

Building items for:

5-point Likert

~ Age ~ Gender + Countr

# START MANUALLY #- GENERATE ITEMS

Figure 45 [B)&#EEmER. Z£M: LV REZE (GRshEFHF, < X
Bhr, RITEFHTHRE) - A ZHFh, G3HKER. BE. XRMADZETH.
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quality and value driv tisfaction and loyalty.
1* MODEL [ RESULTS 2 ADVANCED [ REPORT &% MANAGE

E DATA UPLOAD

ECSI: Customer Satisfaction * EXPORT C REGENERATE

Share as public survey (L&) ¥

r here in real time.

D copy [ OPEN

@ 0 responses

& TAKE OFFLINE C' UPDATE SNAPSHOT

® English & 5-pointLikert @ Aug 4, 2026, 10:51AM

ubli
n at ti

@ Internal notes ¢
For yo

Figure 46 BELZHAAERF. URL B R E BRI NERINEE. IR THERES. = N R1E (Preview /

Unpublish / Publish as new version) , PLRMRAFRIE
HEIZ URL M AT AN . EHFEKA —EZERIAERE. A2HANERERAFHRNAMEZELAS, B
Preview FEFIRE T FIFFAE, ILGEEHE—HNE—E MR THROMETITA) .

12.2.1  FRAIRER
—BREHREAN, EROESERMETEMERE: IRRETEEGZ—NFERERHEHERE, RRPE
SIHRIEFELE G
« Publishasnew version (#%) . {SFMATURL, £RFMIslug (/a/.) , FEEHHBBEBIZ. BESS
vl 34, BRI T
* Downloadresponses, thensaveinplace. [§— URL, {B{REZLTH B FHETH CSV

T4,
» Saveinplace. [@— URL; #FHIHMASEE . {NEHEBIFIEIEREH.

ZARslug DAL, BFEESIHNY —SBESER THEIME” KHE. XK R 5IHTETrih

123 AFAZIHERE
SMEEI—NEENBIRE, HEHES. FERLV A, DEAMRARFAHEE; LV 2IRASWRE (27
BEEERNRITRE:

s IBEEUIHRE. SMEBUUEMRRENZ KBS ZIN, H/\MZFNIES — XY EREEBREH.
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This survey has live responses

have 4 response(s) so far. Saving updates the questionnaire in
e. If you change item wording, re nses collected before and
Er will answer slightly different questions

Save as new version

Figure 47 2 XMATHEENMREFEENIEE. ZFKKE, SFMBPHIILAELFR.

* E—RER{RRMERTE. B3 E, WER I HEETH—DIMRSSIER—RERINETRRZ. ¥
« BifITIE. RBRE, XWERFT—BRNENTIA. REKPEERR, REEH.
o BEMAE. ZRBEAELNI00xWMATIE, FERAES, BSRBTNERRKE,

12.4 =0 Ky B ik

MERTHNAHRFABRYBIMNITE, JLPESEN (8RESE/IBAERD) . HHETHNRe-
cent /NP FH R ERIRZHN EEFES -

12.5 B SN A#EE

LR RSN R ST AR — S8Ry PLS-SEM B3R, &=/ 100 MRETFHERMTE; 200+
T &REHER — RELZ%H~ H LR Import as dataset.

OpenPLS FE/RIIINE Bl — NI IEE. FI7/:

o item_id5|: SPMEEEE—F, FHAREXH TRUSTL. TRUST2. -5 H ID. BTREEEHERHN
Likert Mgz (1.58 1..7)  RAFBHFEESANHERE, Bt NERBEIEHEE.

e AOZEF: RERANES N AOZEEE—7] (age. gender. country. --+) . RIEFEHREREFFERGE:

* submitted_at: MIVIEZZATHY ISO 8601 B [E1E;, XIEYENEIESBR A HTRER.

* language: FiHEFHAIES, XNEIES MICOM/MCA LLRBEE .

177 Data R W; FBIEED Ready. BEE—HIHERE. WRIKHWELHTRA, BRSAZEA—
— [BMSRE, DMERF AR SRR FLEE AT .

s

12.6 T#HEIHE CSV

MRREREEBEWRSAINMNBLE (R Stata. SPSS. Python) , m#% K H _EHI Download
responses (CSV). CSVHIFI 5S AWEIREMRE. §T7T2—MEX; ZRTRERZIHTERSL TIZTEFE.

THAWTEEZHARR. BoWY (XHBEBERIAXAREN) TR EXEIERE.
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ECSI: Customer Satisfaction

About you

Age

Gender

Image
The organization has a very positive reputation in the market.
1 2 3 5
Strongly disagree Strongly agree
| consider this organization to be stable and trustworthy.
1 2 3 5
Strongly disagree Strongly agree
This organization stands for quality and customer focus.
1 2 3 5
Strongly disagree Strongly agree
The organization contributes positively to the community
1 2 3 5
Strongly disagree Strongly agree
Overall, this organization has a poor public image.
1 2 3 5

Strongly disagree Strongly agree

Expectations
| expected the products and services to be highly reliable.
1 2 5] 5]
Strongly disagree Strongly agree
| anticipated receiving personalized attention from the staff.
1 2 3 5
Strongly disagree Strongly agree
| expected the overall experience to meet my high standards
1 2 5] 5]
Strongly disagree Strongly agree
| anticipated encountering numerous problems with the service.
1 2 5] 5]

Strongly disagree Strongly agree

Figure 48 FHANTHAENE. A LAZIES Vikss, #HESK, TRIERIAMNEZBEFRE, Previous
/ Next S, MAN®RZHR Submit #1E.
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%" MODEL @ RESULTS 32 ADVANCED

Unmapped indicator names in the structural model

indi

No missing values detected

© DATA UPLOAD

ECSI: Customer Satisfaction ¥ EXPORT C REGENERATE

Share as public survey @@ ¥ u o

Figure 49 Mo it#e MExiaF)R. ITEEESEN B, &IEYIERE &~ submitted_at IIEE#RIC.

¥ MODEL [ RESULTS o ADVANCED [3 REPORT & MANAGE

Unmapped indicator names in the structural model
3 il

B DATA UPLOAD

ECSI: Customer Satisfaction * EXPORT REGENERATE

Share as public survey (&) ¥ w

Figure 50 %% F E#Jimport-as-dataset #%4. MIATHEER ~: £B%). AOZ%. HABMMRA. Hi
Create dataset E A\,
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127 BUHZ®
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NaBM — EE—A% _ EEX A Publish iY, £RATEEE AR slug.
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Publish as new version,
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13 Mz

13.1 KRiFE

AVE: £ ZEE (Average Variance Extracted)  RERFLV fEFrMEHEHFHE. 5T

0.5 =LV MiEIBES TiRE.

BIC: MMHrfEE/EN. NHSNSHEINESINREYSIE; BT, NEKRENEZ B,
Bootstrap: AMEEMSF, AT ARZBTSGHNRITERSIVER. p BNEREXE.

HEREE (o_C. rho_c) : PLS-SEM HRBINNEEEIF. BT 0.7 AlES, 5T 0.95 RPIERTTR.
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